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Abstract

Mutual funds rely on recommendations from proxy advisors when voting in corporate elec-

tions. Proxy advisors’ influence has been a source of controversy, but it is difficult to study

because information linking funds to their advisors is not publicly available. A key innovation

of this paper is to show how fund-advisor links can be inferred from previously unnoticed fea-

tures of a fund’s SEC filings. Using this method to infer links, I establish several novel facts

about the proxy advisory industry. During 2007-2017, the market share of the two largest

proxy advisory firms has declined slightly from 96.5 percent to 91 percent, with Institutional

Shareholder Services (ISS) controlling 63 percent of the market and Glass Lewis 28 percent in

the most recent year. A large fraction of ISS customers appear to have robo-voted – followed

ISS’s recommendations in over 99.9 percent of contentious proposals – rising from 5 percent

in 2007 to 23 percent in 2017, while almost none of Glass Lewis’ customers have robo-voted.

Negative recommendations from ISS or Glass Lewis reduce their customers’ votes by over

20 percent in director elections and say-on-pay proposals. Finally, proxy advisors cater to

investors’ preferences, adjusting their recommendations to align with fund preferences inde-

pendent of whether those adjustments lead to recommendations that maximize firm value.
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Introduction

The problem with corporate governance is that most shareholders are rationally apathetic, un-

willing to invest in information that allows them to effectively monitor and vote (Berle and

Means, 1932). Proxy advisory firms hold the promise of solving this issue by exploiting economies

of scale in information collection, allowing investors to vote their interests at low cost. These

economies of scale, however, have led the industry to consolidate into effectively two firms –

Institutional Shareholder Services (ISS) and Glass Lewis – resulting in little diversity of advice,

and the recommendations of proxy advisors are often criticized for containing factual errors and

imposing one-size-fits-all governance structures.

Given their growing importance for corporate governance, proxy advisors have attracted

considerable research attention recently. Much of this research, however, has been hindered by a

basic data limitation: the lack of information that links investors to their proxy advisors. Without

knowing which investors receive which recommendations, our picture of the impact of advice is

necessarily incomplete. For example, previous papers estimate the influence of proxy advisors

by comparing recommendations with votes that are pooled across all investors (Choi et al., 2009;

Ertimur et al., 2013; Larcker et al., 2015). The typical finding in vote-advice regressions of larger

coefficients for ISS than Glass Lewis could be attributed to Glass Lewis having fewer customers

or not influencing its customers’ votes. Without information that links advisors to voters, it

is difficult to reach definitive conclusions on many questions about the industry, ranging from

basic issues such as the industry’s concentration to more textured inquiries that relate to the

determinants of impact.

A key innovation of this paper is to use a previously unnoticed feature of regulatory filings

to identify each mutual fund’s subscription to proxy advice, thereby providing a concrete link

between fund votes and proxy advice. Since 2003, mutual funds have been required to report

their votes to the SEC by filing Form N-PX. Filers have discretion in how they format the form

and describe their votes. Mutual funds rarely perform this potentially time-consuming task

themselves, which may involve reporting on tens of thousands of votes each year. Instead, they

outsource it to their proxy advisors. I show that one can determine the proxy advisor that files

the form, based on the way the form is formatted and how issues are described.

With the information on proxy advisors’ customer bases, I am able to provide a sharper

characterization of the proxy advice market than previously possible and conduct new tests that

speak to several controversies in the literature. Critics of the proxy advisory industry claim that

the industry’s concentration empowers ISS and Glass Lewis to significantly sway corporate elec-

tions. Yet, there is currently no rigorous evidence on the proxy advisory industry’s concentration,

although a widely circulated conjecture claims that ISS and Glass Lewis “control” 97 percent of

the entire proxy advice market. With the information on mutual funds’ subscriptions to proxy

advice, I find that, as of 2017, ISS controls 63 percent of the proxy market for mutual funds in the
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U.S. ($13.4 trillion in assets from 135 fund families), and Glass Lewis controls 28 percent ($6.0

trillion in assets from 27 fund families). Contrary to popular belief, I find that the proxy advisory

industry, although still a duopoly, has become less concentrated over the last decade. During

2007-2017, the joint market share of ISS and Glass Lewis has declined from 96.5 percent to 91

percent, with ISS gradually losing its dominance in the industry.

Some observers have raised concern about investors blindly following proxy advisors’ recom-

mendations, the so-called practice of robo-voting (Iliev and Lowry, 2015; Doyle, 2018; Placenti,

2018). Without identifying proxy advisors’ customer bases, researchers tend to underestimate the

severity of robo-voting by inflating the denominators – comparing the number of ISS customers

that robo-vote with the total number of investors rather than with just the number of ISS cus-

tomers. Accurately measuring the extent to which investors blindly follow their proxy advisors

is particularly crucial in light of the SEC’s 2019 proposed rule that gives companies a chance to

respond to proxy advisors’ analysis before recommendations are sent to investors. This rule is

designed to reduce proxy advisors’ factual or methodological errors, but it becomes effective only

if investors review companies’ responses rather than robo-vote with their proxy advisors.1 I find

that the fraction of ISS customers who almost entirely follow its recommendations grew from 5

percent in 2007 to 23 percent in 2017. The result implies that without disabling the automatic

voting mechanism, the rule will be much less effective in fixing factual errors: 23 percent of ISS

customers will not review the company’s response, even if they are given a chance to do so.

To estimate proxy advisors’ influence on their customers’ votes, most previous studies, al-

though finding a meaningful correlation between proxy advisors’ recommendations and vote

outcomes, cannot tease out the possibility that investors vote in the same direction as proxy ad-

visors because they both agree on the proposal’s fundamental merits, hence overestimating proxy

advisors’ influence (Choi et al., 2009).2 This fact is especially argued for by ISS to avoid any new

regulation: “media reports substantially overstate the extent of ISS’ influence by failing to control

for the underlying company-specific factors that influence voting outcomes.” On the other hand,

previous papers may underestimate proxy advisors’ influence because votes are pooled across

all investors rather than a particular proxy advisor’s customers. With the information that links

investors to proxy advisors, I examine the votes from a particular proxy advisor’s customers,

and implicitly control for any company-specific factors by comparing those votes with other

investors’ votes on the same proposals. I find that both ISS and Glass Lewis have significant

influence over their customers’ votes. For example, when ISS recommends against a particular

director’s election, its customers are 21 percent more likely than other investors to vote against

this director. Similarly, when Glass Lewis recommends voting against a director, its customers

1As the SEC asked, “In instances where proxy voting advice businesses provide voting execution services (pre-
population and automatic submission) to clients, are clients likely to review a registrant’s response to voting advice?”

2The literature has produced inconclusive evidence of ISS’s influence, ranging from 6% to 25% (Cai et al., 2009;
Choi et al., 2009; Larcker et al., 2015; Malenko and Shen, 2016). There are few academic studies on Glass Lewis’s
influence.

2



are 29 percent more likely to vote against the director. The same pattern also applies for non-

binding advisory votes on executive compensation (“Say on Pay”), wherein ISS and Glass Lewis

can sway 20 percent and 26 percent of their customers’ votes, respectively.

One might be concerned that an investor will vote similarly to its proxy advisor because they

have similar voting preferences, and the fact that it agrees more with its advisor than other non-

subscribers simply reflects self-selection. To alleviate this concern, I examine the same fund’s

voting pattern after it changes proxy advisors. I find that after a fund switches its proxy advisor

from Glass Lewis to ISS, its vote agreement with ISS increases immediately by 24 percent, and

vote agreement with Glass Lewis declines immediately by 21 percent. Similarly, after a fund

switches from ISS to Glass Lewis, its vote agreement with Glass Lewis rises immediately by 38

percent, and vote agreement with ISS decreases immediately by 23 percent. Furthermore, this

pattern continues to hold after I restrict the sample of switching funds to those that do not change

their proxy voting guidelines to further control for funds’ voting preferences.

If the result were due solely to self-selection, we would expect investors who are self-informed

to vote more similarly to their advisors’ recommendations because votes of informed investors

are more likely to represent their preferences. However, this is not consistent with what I find;

instead, I show that an investor is less affected by its advisor’s recommendations if it has viewed

the proposal’s proxy statement on the EDGAR website. The result is consistent with the hypoth-

esis that ISS and Glass Lewis influence votes, especially when their customers perform less due

diligence. These results, along with an additional propensity-score matching approach, suggest

that the estimation is unlikely due to self-selection.

Using a one-time change in ISS’s voting guideline, Malenko and Shen (2016) causally esti-

mate ISS’s influence on the outcomes of say-on-pay proposals during 2010-2011, and they also

find a strong influence of ISS’s recommendations. A limitation of their approach is that it only

reveals the influence of ISS in a particular year on a particular issue. In contrast, my approach

assesses both ISS’s and Glass Lewis’s influence on all proposals and over all years in my sample.

Estimating effects across multiple years, I find that after 2011, there was an upward trend in ISS’s

influence on almost every type of proposal: director elections, say-on-pay proposals, and other

shareholder-sponsored proposals. I also find that ISS’s influence spiked during the 2008-2009

financial crisis. This result is reconciled with the finding that investors rationally allocate their

attention during times of stress (Kacperczyk et al., 2016; Kempf et al., 2017).

Knowing that proxy advisors’ recommendations influence votes, an important question is

how much their advice aligns with value maximization and whether it is free from conflicts

of interest. Li (2018) shows that ISS’s advice favors the management with which it has a con-

sulting relationship. Matsusaka and Shu (2020) argue that there is another potential conflict of

interest resulting from the fact that proxy advisors compete for customers, especially non-value-

maximizing funds. In this paper, I show that both ISS and Glass Lewis cater to investors’ pref-

erences, adjusting their recommendations to align with fund preferences regardless of whether
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those adjustments lead to recommendations that maximize firm value. Specifically, a 10 percent

disagreement between investors’ votes and ISS’s recommendation is associated with up to a 5

percent chance that ISS subsequently changes its recommendation when the proposal re-appears

on the firm’s ballot. Similarly, for Glass Lewis, a 10 percent vote disagreement can result in a 3

percent chance that it changes the recommendation. In addition, I find that ISS caters more to its

existing customers, but Glass Lewis caters more to funds that are not yet its customers.

A priori, it is unclear whether catering to investors by proxy advisors creates or destroys

value because there are two explanations for proxy advisors’ change of recommendations re-

sulting from investors’ disagreement. Investors might possess better information, and proxy

advisors learn from their disagreement, in which case the change of the recommendation en-

hances value-maximization. Alternatively, proxy advisors may cater to investors because doing

so retains and attracts customers, thus increasing their own profits. In this case, the change of

recommendation does not align with value-maximization. To distinguish the two channels, I

examine the cumulative abnormal returns (CARs) for annual meetings in which there is at least

one close-call proposal on which ISS or Glass Lewis changes recommendations (Cuñat et al.,

2012). I find there is a −2 percent abnormal return if the proposal’s vote outcome adopts ISS’s

changed recommendation. This finding suggests that ISS’s change of recommendations is not

aligned with value-maximization and is consistent with the hypothesis that such catering is for

ISS’s own benefit.

There are three main contributions of this paper. To the best of my knowledge, it is the first

paper to introduce a method to identify which funds are customers of which proxy advisors.

With this information, I provide the first rigorous representation of the leading proxy advisory

firms’ market shares. Furthermore, by comparing the votes of a proxy advisor’s customers

with those of other investors, I provide plausibly causal estimates of proxy advisors’ influence

by implicitly controlling for any proposal-specific factors. Finally, this paper provides the first

empirical exploration of the feedback loop from investors to proxy advisor recommendations,

showing that proxy advisors appear to cater to investors’ preferences, and such catering is not

consistent with value-maximization.

This paper is related to the growing literature on proxy advisors and corporate governance

efforts of institutional investors. Dasgupta et al. (2020) provide a survey of this literature, and

here, I will summarize several papers that are related to the present paper. The research on

the influence of proxy advisors’ recommendations has produced inconclusive results. Cai et al.

(2009), Iliev and Lowry (2015), Larcker et al. (2015), and Malenko and Shen (2016) show that ISS

has significant influence over investors’ votes, ranging from 19% to 25% of votes. In contrast,

Choi et al. (2009) show a much-dampened effect, 6%–10%. Among these papers, Malenko and

Shen (2016) provide causal interpretations for ISS’s influence on a particular year’s say-on-pay

proposals by using a cutoff in ISS’s voting guideline. Theoretical works on proxy advisors are

sparse but growing. Malenko and Malenko (2019) develop a model to study the provision of
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information by proxy advisors. Recent works, such as Levit and Tsoy (2019), Ma and Xiong

(2020), and Matsusaka and Shu (2020), study proxy advisors’ distorted incentives for providing

accurate advice.

1 Data and Methodology

1.1 Data Sources and Sample Selection

Data are compiled across several sources. The initial sample contains the entire mutual fund

voting records between 2006 and 2017. Since 2003, mutual funds are required to report their

entire voting record on Form N-PX to the SEC each August. I collect those forms directly from the

SEC’s EDGAR website. I then link each N-PX form to the ISS Voting Analytics database using the

form’s accession number, a unique identifier to EDGAR submissions. The ISS Voting Analytics

dataset tabulates mutual funds’ votes on those N-PX forms. It also provides each proposal’s final

vote outcome and ISS’s recommendation. Because accession numbers only appear in the Voting

Analytics dataset after 2006, I restrict the sample of votes to 2006-2017. The final sample contains

82 million votes (fund-proposal level) from 15,886 N-PX forms and covers 20,654 mutual funds’

voting records on 438,793 proposals.

Glass Lewis’s recommendations are not publicly available (Larcker et al., 2015). Some papers,

such as Larcker et al. (2015) and Bubb and Catan (2019), infer Glass Lewis’s recommendations

through a few of its known customers’ voting records.3 Other papers, such as Choi et al. (2009),

Ertimur et al. (2013), and Li (2018), obtained Glass Lewis’s recommendations through propri-

etary methods for certain years.4 In this paper, I obtained Glass Lewis’s recommendations for

the period 2008-2017, through a Freedom of Information Act (FOIA) request to a large public

pension. I asked for the name of the pension fund’s proxy advisor and recommendations it re-

ceived for its advisor. I then matched those recommendations with the main dataset (ISS Voting

Analytics) using company names, meeting dates, and item numbers. I can find Glass Lewis’s

recommendations for 2590 companies, covering over 80% of the total assets for companies in my

main dataset. The online Appendix provides a screenshot for the FOIA response and a detailed

description of the matching process.

I obtain mutual funds’ characteristics from the CRSP Mutual Fund Database, which provides

information on each fund’s name, total net assets, fund-family name, and flag for an index fund,

etc. I then merge funds’ characteristics with my main voting dataset using CIK numbers, which

3Specifically, they use voting records from Charles Schwab, Neuberger Berman, Loomis Sayles, and Invesco to infer
Glass Lewis’s recommendations. My paper calls for caution in this method because the N-PX inference shows that
Charles Schwab changed its proxy advisor from ISS to Glass Lewis during 2009. This fact can be additionally verified
from Charles Schwab’s 2009/2010 prospectus, available at https://www.sec.gov/cgi-bin/browse-edgar?action=

getcompany&CIK=0000904333&type=485.
4Li (2018) obtained Glass Lewis’s voting recommendations for the period 2004-2011. Ertimur et al. (2013) obtained

for 2011. Choi et al. (2009) obtained for 2005-2006.
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are unique ten-digit numbers that SEC assigns to EDGAR filers.5 The ISS Voting Analytics does

not provide mutual funds’ CIK numbers. I collect CIK numbers from N-PX forms’ header files.

Information on mutual funds’ ideology preferences is provided by Bolton et al. (2020). I merge

the ideology data with my main dataset using “institutionid”, the Voting Analytics’ fund-family

identifier.

I obtain mutual funds’ views of proxy statements through the EDGAR server log file. The log

file includes each viewer’s partially anonymized IP address, the time of the view, the accession

number of the viewed file. To map partially anonymized IP addresses to fund families, I first

deanonymize IP addresses using the cipher provided by Chen et al. (2020) and then map the full

IP addresses to organization names using linking datasets provided by MaxMind and American

Registry of Internet Numbers (ARIN).6 Then, I hand match organizations with fund-families in

the voting dataset using their names. I can match 282 out of 501 fund families that appear in

the voting dataset.7 To match a proxy statement’s accession number to an annual meeting in the

voting dataset, I first scraped the proxy statement’s header file to get its CIK number and “Period

of Report”. Then, I match the CIK number and the “Period of Report” with an annual meeting’s

CUSIP and meeting date.8

1.2 Voting Platforms and Identification of Proxy Advisors

For N-PX filings, a mutual fund must disclose (a) information on issuers (CUSIP, ticker, meeting

date, etc.), (b) brief descriptions of proposals, and (c) how it voted. In contrast to requirements

for Form 13-F, the SEC does not require a uniform N-PX “information table” for mutual funds

5As noted by Matvos and Ostrovsky (2010) and Iliev and Lowry (2015), there is no unique fund identifier common
to both ISS Voting Analytics and CRSP. They proceed by matching the two datasets using fund names. Unlike their
methods, I match the two datasets using CIK numbers. My method generates more precision in matching except that
different mutual funds within the same fund family sometimes have an identical CIK. This is not a concern for my
analysis because I aggregate votes to the fund-family level, following Bolton et al. (2020) and Iliev et al. (2020). Section
1.3 provides more details about the aggregation.

6MaxMind is a for-profit intelligence company that provides location/ISP data for IP addresses. This dataset has
been used for linking IP addresses to organization names by Chen et al. (2020) and Crane et al. (2020). ARIN is a
nonprofit company that primarily offers IP registration services. This dataset has been used by Bernard et al. (2020)
and Crane et al. (2020). I choose to use both datasets for better results. See Crane et al. (2020) for a discussion of the
two datasets.

7There are three reasons why a fund family cannot be matched with any record in the SEC log file. First, it is
possible that this family has never visited any SEC filing. Second, it is possible that this family does not use its own
name for the internet (e.g., it can be recorded as AT&T Business). Third, it is possible that neither MaxMind nor ARIN
is comprehensive. As a comparison, Iliev et al. (2020) can match 87 fund families using the linking table from another
vendor Digital Elements.

8To match CIK with CUSIP, I use the linking table provided by WRDS SEC Analytics. The “Period of Report”
in a proxy statement denotes its meeting date. See https://www.sec.gov/info/edgar/edgarfm-vol2-v5.pdf (page
6-31).
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to complete.9 Thus, mutual funds or their proxy service providers have discretion on how to

tabulate, format, and characterize their votes and the issues on which they vote.10 On the other

hand, mutual funds rarely prepare or file N-PX forms themselves. This fact is also observed

in my data that will be explained shortly. Instead, mutual funds outsource those tasks to their

voting platform providers. The reason is obvious: most mutual funds have to cast, manage, or

report thousands of votes each year, a complicated and time-consuming process that, for some,

is just a distraction from their core business strategies. In the online appendix, I show that the

price of voting platform services is as much as twice the price of the proxy advice itself.11

There are three dominant voting platforms currently on the market: ProxyExchange, View-

point, and ProxyEdge. All three platforms provide vote reporting services that tabulate their

customers’ votes and prepare the required N-PX forms. They also offer add-on Vote Disclosure

Services (VDS) that interactively display their customers’ votes on their websites. Owners of two

voting platforms are proxy advisors – ISS owns ProxyExchange, and Glass Lewis owns View-

point. The third platform, ProxyEdge, is owned by Broadridge, a fintech firm. With the fact

that users of a proxy advisor’s voting platform have access to its proxy advice, I can infer an

investor’s subscription to proxy advice if I know it uses ISS or Glass Lewis’s voting platform.12,13

Inferring mutual funds’ uses of voting platforms from their N-PX filings consists of three

steps. In the first step, I look for format commonality among all N-PX filings. I find that there

are four most common N-PX formats. Figure 1 provides an example for each of the four formats,

denoted A.1, A.2, B, and C. In the second step, I compare proposal descriptions on those four

N-PX forms with those of the three voting platforms’ VDS websites to establish the link. I find

that types A.1 and A.2 correspond to ISS VDS, type B corresponds to Glass Lewis VDS, and type

C corresponds to Broadridge VDS.14 In the Online Appendix, I describe in detail how I link the

four N-PX tables to their respective voting platforms. In the final step, I identify each fund’s type

9For Form 13-F, the SEC provides a prescribed 8-column table that mutual funds must use. However, the SEC does
not provide a similar “information table” for N-PX forms. Instead, it only provides “a guide in preparing the report.”
See, https://www.sec.gov/about/forms/formn-px.pdf. Over the years, petitions have been made to standardize
N-PX forms. See, https://www.sec.gov/comments/265-28/26528-36.pdf.

10For example, for Proposal 5 in Apple Inc’ 2019 annual meeting, BlackRock’s N-PX form described the proposal as
“Disclose Board Diversity and Qualification,” JP Morgan Funds’ N-PX form described it as “A shareholder proposal
entitled True Diversity Board Policy,” and TIAA funds’ N-PX form described it as “Shareholder Proposal regarding
Disclosure and Board Qualifications.” The three funds’ N-PX forms also exhibit different formats.

11Specifically, I show that the average payment for proxy advice is $69,080, and a fund needs to pay an additional
$161,290 to use its advisor’s proxy voting system.

12ProxyExchange’s marketing document states that “[it is] one integrated platform for proxy research, voting, and
reporting.” Viewpoint’s marketing document states that “in-depth Proxy Paper reports are accessible for every meet-
ing you vote.”

13For the funds that use Broadridge’s ProxyEdge, I cannot identify their proxy advisor. As of 2017, they constitute
of 5% of the mutual fund market.

14Due to historical reasons, ISS has two voting systems and two different N-PX formats. The two platforms also
have different VDS websites. See, https://www.sec.gov/litigation/admin/2013/ia-3611.pdf.
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from its N-PX’s format and use the type to infer the fund’s use of a voting platform.

The inference from voting platforms to proxy advisors may come with Type I and Type II

errors. For Type I error, a fund may subscribe to both ISS’s and Glass Lewis’s proxy advice but

only use one platform for voting. It is also possible that a fund uses neither ISS’s nor Glass

Lewis’s voting platform but instead subscribes to their proxy advice. For Type II error, a fund

that does not subscribe to ISS’s or Glass Lewis’s proxy advice may use their voting systems or

simply imitate their N-PX formats. I will discuss the effects of those errors when presenting the

main results.

1.3 Aggregating to the Fund-Family Level

The subscription to proxy advice and the subsequent voting is generally decided at the fund-

family level (Morningstar, 2017; Bolton et al., 2020).15 I hence aggregate fund-level observations

to the fund-family level using CRSP’s definition of fund families. The aggregation involves a two-

step process. In the first step, I aggregate fund-level observations (82 million votes from 20,654

funds) to the CIK level (39 million votes from 2,250 CIKs). Using CIK×year as the identifier, I

then merge the CIK-level voting data with the CRSP Mutual Fund dataset to get information on

each CIK’s fund family and characteristics. As a result, I can match 84% of CIK-level observations

(33 million votes) with the CRSP dataset. The remaining unmatched votes come from the mutual

funds that are not covered by the CRSP dataset. In the second step, I aggregate CIK-level obser-

vations to the fund-family level using “mgmt cd”, the CRSP’s identifier for fund families. After

this process, the aggregated dataset contains 15 million votes from 501 fund families. It covers

420,391 proposals from 7,897 companies during 2006-2017. To avoid verbosity, I occasionally refer

a fund family as a fund throughout the rest of the paper.

Table 1.A displays the number of fund votes and the number of proposals during my sample

years. They are separated by different proposal types.16 Table 1.B and 1.C report summary

statistics at the proposal and the fund-family level.

15For example, in BlackRock’s prospectus, we know that BlackRock (rather than iShares S&P 500 Index Fund)
retained ISS to provide proxy advice, vote execution, and recordkeeping. See, https://www.sec.gov/Archives/

edgar/data/844779/000119312506201228/d497.htm. Another way to confirm this is to look at proxy advisors’ VDS
websites. For example, Glass Lewis’s VDS website groups all TIAA funds together. This suggests that the decision to
use Glass Lewis’s service is most likely aggregated at the TIAA family level. See, https://viewpoint.glasslewis.
net/webdisclosure/search.aspx?glpcustuserid=TIA129. In my data, I find that only 0.3% of fund-years use both
ISS’s and Glass Lewis’s voting platforms. They tend to be in the transition year when the fund switches its voting
platform.

16Beginning with the first annual shareholders’ meeting taking place on or after 2011/1/21, say-on-pay proposals
become mandatory as part of the Dodd-Frank Act. They have to be brought up by the management every one to three
years. Before that, shareholders can sponsor them as governance measures. Because they are different in nature, I
treat them as different proposal types before and after 2011.
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2 Descriptive Statistics for the Proxy Advisory Industry

2.1 Concentration and Trends in the Proxy Advisory Industry

The proxy advisory industry in the U.S. has consolidated into effectively two firms – ISS and

Glass Lewis. Critics are concerned that the concentration of the industry empowers the two

firms with significant influence in corporate elections. Most observers believe that ISS and Glass

Lewis jointly control 97 percent of the entire proxy advice market. News articles, such as the Wall

Street Journal, Economist, Forbes, and Reuters, have all cited this number.17 Academic papers,

such as Copland et al. (2018), Larcker et al. (2015), and Glassman and Peirce (2014), rely on this

number as the premise of their analysis. Rule-making, such as the one proposed by the SEC

in 2019, hinges on this number’s accuracy. It is hence imperative that we have an accurate and

current picture of the proxy advisory industry’s competitive landscape.

The widely cited 97% market share that ISS and Glass Lewis jointly control was inferred from

a decade-old Government Accountability Office survey, which unfortunately cannot inform us

about the industry’s current and evolving competitive landscape. Perhaps more concerning is

that the estimation relied on proxy advisors’ self-reporting and assumed that Egan-Jones, the

third-largest proxy advisor, controlled 0% of the market because the firm did not respond to the

survey.

The challenge to grasp a clear picture for the proxy advisory industry’s concentration is

that proxy advisors are precluded from revealing their customer bases due to confidentiality

agreements. This fact is clearly stipulated in contracts between ISS and its customers: “[ISS

should] not disclose the Fund Information to any person or business entity other than a limited

number of employees or officers of the Supplier on a need-to-know basis.”18 As a result, there

is currently no way for scholars to identify each proxy advisor’s market share based on publicly

available information. Fortunately, with information on mutual funds’ voting platforms, I can

infer their subscriptions to proxy advice and hence calculate proxy advisors’ market shares.

Figure 2 displays the evolution of the industry from 2007-2017. Panel A shows the number

of funds that use each of the three voting platforms, and Panel B shows the number of funds

that switch voting platforms each year. Panel C displays the total mutual fund assets that ISS

and Glass Lewis advise and the two firms’ market shares. To calculate ISS and Glass Lewis’s

total market size in each year, I use the summation of their customers’ total net assets (TNA).19

The green area represents mutual funds that use Broadridge or other voting systems, e.g., Egan-

Jones. We first notice that there is enormous growth for the size of the proxy advisory industry

17WSJ: “SEC Takes Action Aimed at Proxy Advisers for Shareholders;” Economist: “Proxy advisers come under
fire;” Forbes: “The Law of Unintended Consequences: The Case of Proxy Advisory Firms;” and Reuters: “Proxy
adviser ISS sues U.S. markets regulator over guidance aimed at curbing advice.”

18The agreement was disclosed to the public via an SEC cease-and-desist order against ISS. See note 14.
19Vanguard has its distinctive N-PX style. According to its prospectus, it subscribes to proxy advice from both ISS

and Glass Lewis. I hence split the total assets of Vanguard equally to ISS and Glass Lewis’s market size.
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from 2007-2017. This growth is because the mutual fund industry is growing – both for the

number of funds and each fund’s average size. The combined mutual fund assets that ISS and

Glass Lewis advise grow from $8.7 trillion to $19.4 trillion, an 123% increase. During the same

period, the Russell 3000 index grows by 62%. The result suggests that as the mutual fund

industry accumulates more voting powers, it becomes increasingly important that they cast votes

informatively, and their proxy advisors provide accurate information.

In contrast to popular belief, I find that the proxy advisory industry has become less concen-

trated. As of 2017, ISS and Glass Lewis jointly controls 91 percent of the market (defined by total

assets), compared with 96.5 percent in 2007. Although there is enormous growth for both ISS and

Glass Lewis’s total market size, ISS is gradually losing its relative market share (from 74 percent

in 2007 to 63 percent in 2017) to Glass Lewis and other boutique proxy advisors. Nevertheless,

this result does not imply that ISS’s influence is damping. As we well see later in section 3, ISS

has a strong and growing influence on its customers’ votes.

It is worth noting that the above estimation is a slightly conservative estimation for ISS’s and

Glass Lewis’s market size in proxy advice business to mutual funds. This is because even though

I can precisely identify each fund’s proxy voting system, in some cases, a mega-fund may use

one voting system but subscribe to proxy advice from multiple proxy advisors. In addition, the

calculation only focuses on the mutual fund industry. Notwithstanding the caveats, the results

provide a useful picture for understanding the proxy advisory industry’s evolving competitive

landscape.

2.2 Characteristics of ISS and Glass Lewis’s Customers

Funds that use different voting systems exhibit different characteristics. Table 2 provides three

snapshots (2008, 2012, and 2017) for funds that use the voting systems of ISS, Glass Lewis, or

Broadridge. Table 3 displays the OLS regressions of funds’ characteristics as a function of their

uses of different voting systems. From table 3’s panel A, we notice that fund families that use

neither ISS nor Glass Lewis are much smaller (around 200 percent), have much fewer ballots to

vote (around 200 percent), younger (over ten years), and are less likely to provide an index or

institutional fund (20 to 30 percent) than fund families that use ISS or Glass Lewis. Many of them

are boutique funds with only a few companies in their portfolios (or hundreds of proposals to

vote). It is hence unsurprising that they subscribe to proxy boutique advisors if at all. The panel

B shows that funds that subscribe to ISS or Glass Lewis are relatively similar except that ISS’s

customers are 35 percent smaller in terms of total net assets and 10 percent less likely to provide

institutional funds.

Table 2 also shows that mutual funds vote similarly with their proxy advisors. For example,

in 2017, when ISS opposes management, its customers agree with ISS’s recommendations 71

percent of the time while Glass Lewis’s customers agree with ISS’s recommendations only 33

percent of the time. Similarly, when Glass Lewis opposes management, Glass Lewis’s customers
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agree with Glass Lewis’s recommendations 60 percent of the time while ISS’s customers agree

with Glass Lewis only 39 percent of the time. To see the pattern more concretely, figure 3 displays

the percentage of investors’ votes that support management conditioning on proxy advisors’

recommendations. In Panel A, we see that if either ISS or Glass Lewis opposes management,

investors become more likely to disagree with management. Panel B shows that ISS’s and Glass

Lewis’s recommendations have greater effects on their own customers’ votes than other investors’

votes. Those observations suggest that proxy advisors influence their customers’ votes. Section

3 discusses the identification in further detail.

Bolton et al. (2020) show that investors’ votes exhibit heterogeneous preferences. They map

each investor’s votes into a two-dimensional score using a popular political-science approach.

The two scores, both in the range of [−1,+1], are interpreted as being socially responsible and

being tough-on-governance. Figure 4.A plots fund votes’ ideology scores, grouped by the use of

different voting systems. We immediately notice that ISS and Glass Lewis customers are clustered

together – ISS’s customers appear on the lower left, and Glass Lewis’s customers appear on the

upper right. Figure 4.B plots the distribution of the social and governance score for funds that

subscribe to ISS and Glass Lewis. The result suggests that ISS customers’ votes emphasize more

on social issues (have a lower score in the first dimension) but less about governance issues (have

a lower score in the second dimension). The opposite is true for Glass Lewis’s customers – their

votes emphasize less on social issues but more on governance issues.

3 Proxy Advisors’ Influence

3.1 ISS and Glass Lewis’s Influence on Their Customers

Proxy advisors advise on a large number of elections while maintaining a tiny workforce.20

Their advice has been criticized for exerting undue influence on the governance of corporations,

without explaining why it hinges on conclusions that academics are unable to reach. Research

on the role of proxy advice on investors’ votes has produced inconclusive results.21

The difficulty of estimating proxy advisors’ influence arises from the unobserved firm and

proposal characteristics, and using correlations between investors’ votes and proxy advisors’ rec-

ommendations can upward bias the interpretation of proxy advisors’ influence. This is because

two reasons can explain shareholders’ vote agreement with proxy advisors’ recommendations.

First, investors and proxy advisors observe the same set of information so that they can agree

on a proposal’s fundamental merits independent of proxy advisors’ influence. For example,

20For example, Sharfman (2020) notes that in 2017 ISS produced recommendations for 250,000 elections across 40,000
shareholder meetings with a research and data staff of 460 persons.

21For example, Cai et al. (2009), Iliev and Lowry (2015), Larcker et al. (2015), and Malenko and Shen (2016) show
that ISS can influence a large amount of votes, ranging from 19% to 25% of votes. On the contrary, Choi et al. (2009)
show a much-dampened effect, 6%–10%.
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in 2017, ISS supported the compensation package of Berkshire Hathaway’s Warren Buffet, who

earned an annual salary of $100,000. Most of Berkshire Hathaway’s shareholders also voted to

support this compensation package, which received 99.7 percent of the total votes. In this exam-

ple, the shareholders’ vote agreement with ISS would probably not be a good measure of ISS’s

influence. Alternatively, investors can vote with proxy advisors’ recommendations because they

follow the recommendations regardless of the proposal’s fundamentals. The difficulty in dis-

entangling these two possibilities is that we can not observe all proposal-specific fundamentals.

Hence, most efforts to estimate proxy advisors’ influence are upward biased due to the omitted

variable problem (Choi et al., 2009). On the other hand, the literature also under-estimates proxy

advisors’ influence because votes are pooled across all investors rather than a particular proxy

advisor’s customers.

Fortunately, with the information on proxy advisors’ customer bases, I can compare a proxy

advisor customers’ votes with other investors’ votes on the same proposals. This method im-

plicitly controls for any proposal-specific factors because both groups face the same proposals’

fundamentals. The only difference is that one has access to the proxy advisor’s recommenda-

tions, and the other most likely does not.22 Using the previous example to illustrate, if both 99.7

percent of votes from ISS’s customers and 99.7 percent of votes from non-customers supported

the proposal, then ISS has little influence on its customers’ votes for this particular proposal.

On the other hand, if 99.7 percent of the votes from ISS’s customers supported it, but only 97.7

percent of the votes from other investors supported it, we can infer that ISS’s recommendation

affects 2 percent of its customers’ votes on this proposal.

I use the following OLS regression to estimate the effect of a proxy advisor’s recommenda-

tions on its customers’ votes. One observation is a fund’s vote in a proposal: i denotes the fund,

p denotes the proposal, and t denotes the year. The dependent variable “Vote Forip” equals one

if the fund voted “for” the proposal.23 The regression includes fund characteristics as controls,

and more importantly, it includes the proposal fixed effect. As argued earlier, the proposal fixed

effect controls for any unobserved proposal-specific factors.

Vote Forip = ISS Forp ·
(

β1 + β2 · ISS Customerit + β3 ·GL Customerit

)
+ GL Forp ·

(
β4 + β5 · ISS Customerit + β6 ·GL Customerit

)
(1)

+ Mgmt Forp ·
(

β7 + β8 · ISS Customerit + β9 ·GL Customerit

)
+ ap + ε ip

Table 4 reports the result. Column 1 establishes the benchmark, showing the correlation

between funds’ votes and each proxy advisor’s recommendations. Other columns include inter-

action terms between proxy advisors’ recommendations and investors’ proxy advisors. Columns

2 and 3 include the company×year or the proposal-type fixed effects, and column 4 includes the

22To the extent that some investors subscribe to both ISS and Glass Lewis’s proxy advice, those estimations are
actually conservative measures for proxy advisors’ influence.

23Similar to Iliev and Lowry (2015), I group “Against” and “Withhold” together as negative votes.
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proposal fixed effect to control any proposal-specific fundamentals. The results show that ISS

customers are 27 percent more likely than other investors (that subscribe to neither ISS nor Glass

Lewis) to vote “for” a proposal when ISS recommends doing so. Similarly, Glass Lewis’s cus-

tomers are 31 percent more likely than other investors to vote “for” a proposal when Glass Lewis

recommends doing so. The results remain qualitatively unchanged after including the fund×year

fixed effect to control for unobserved fund-family characteristics. Those results suggest that both

ISS and Glass Lewis have significant influence on their respective customers’ votes.

In an ideal experiment, we want to estimate equation 1 after randomly assigning investors to

different proxy advisors. Without a random assignment, one may be concerned that investors

vote similarly with their proxy advisors’ recommendations because they have similar ideologies.

Or in other words, the fact that investors agree with their proxy advisors more than other in-

vestors may simply reflect the self-selection. To test whether table 4’s results are due to proxy

advisors’ influence or investors’ self-selection, I interact the variables of interest (“ISS For × ISS

Customer” and “GL For × GL Customer”) with fund families’ own information set. If table 4’s

results were purely due to the self-selection, we would expect investors who are better informed

to vote more similarly with their proxy advisors’ recommendations because votes of informed in-

vestors are more likely to represent their preferences. In other words, the degree of self-selection

will be greater for investors who are better self-informed. To measure whether an investor is

self-informed, I use its internet visit to a proposal’s proxy statement on the EDGAR website.

Table 5 shows that informed investors’ votes are actually less similar to their advisors’ recom-

mendations. The results reject the self-selection hypothesis; instead, they are consistent with the

hypothesis that ISS and Glass Lewis influence votes, especially when their customers perform

less due diligence.

Equation 1’s estimation does not separately study a proxy advisor’s influence when it sup-

ports or opposes the management. I define a proxy advisor’s certification effect as its influence

on proposals where it supports the management (uncontentious proposals) and sway effect as its

influence on proposals where it opposes the management (contentious proposals). Most of the

existing literature focuses on proxy advisors’ sway effect.24 However, knowing a proxy advisor’s

certification effect is also important because many investors do not dig into a proposal’s detail

when their proxy advisor supports the management. Instead, they only pay attention to propos-

als where the proxy advisor alerts an issue.25 To separately study proxy advisors’ certification

and sway effects, I use the following OLS regressions, separately done for proposals where the

proxy advisor supports or opposes the management. The dependent variable “Agree with ISSip”

24For example, both Larcker et al. (2015) and Malenko and Shen (2016) use some variations of equation 1 as their
regressions.

25The head of BlackRock’s corporate governance once said, the firm does not comb through every shareholder
proposal but only the ones that proxy advisors have identified an issue. (https://www.nytimes.com/2013/05/19/
business/blackrock-a-shareholding-giant-is-quietly-stirring.html) In my sample, ISS agrees with the man-
agement on 89 percent of director elections and 87 percent of say-on-pay proposals (Table 1.B)
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(“Agree with GLip”) is a dummy that equals one if the vote is in the same direction as ISS’s (Glass

Lewis’s) recommendation. The regressions again include the proposal fixed effect.

Agree with ISSip = β1 · ISS Customerit + γ
′ ·Z + ap + ε ipt

Agree with GLip = β1 ·GL Customerit + γ
′ ·Z + ap + ε ipt

(2)

Table 6 reports the results. We see that when ISS (or Glass Lewis) supports the management,

its customers are two percent more likely than other non-customers to support the management.

Because most uncontentious proposals are for routine matters, the baseline agreement between

investors’ votes with proxy advisors’ recommendations is already high (over 90 percent). A

two percent additional support appears to be a meaningful influence from ISS or Glass Lewis’s

certification. Also from Table 6, we find that ISS can sway 21 percent of its customers’ votes when

it opposes the management, and Glass Lewis can sway 22 percent of its customers’ votes.

The above estimation for ISS’s sway effect (21 percent) is consistent with that of Malenko and

Shen (2016), who show that a negative ISS recommendation on say-on-pay proposals can sway

25 percent of investors’ votes. As argued earlier, my approach also enables me to study proxy

advisors’ influence on other types of proposals. One obviously important type is the director

election, which Cai et al. (2009) and Fos et al. (2018) show has far-reaching implications for

corporate governance. Table 7 repeats the analysis separately for each proposal type. It shows

that both ISS and Glass Lewis can sway over 20 percent of their customers’ votes for director

elections, comparable to their influence on say-on-pay proposals. Another interesting finding is

that Glass Lewis has greater influence than ISS on director elections and say-on-pay proposals,

but ISS has greater influence on social-related proposals.

Proxy advisors’ influence can vary for different funds. For example, investors with large

ballots may not comb through every proposal, especially when their proxy advisors and man-

agement agree. To test the hypothesis, Table 8 studies the relationship between a fund’s vote

agreement with its proxy advisor and its characteristics. The finding is consistent with the con-

jecture – proxy advisors have greater certification effects on funds with more ballots to vote. The

result also shows that, once an issue is alerted by the proxy advisor, they start their due diligence.

Moreover, the larger the fund’s size, the more it performs its due diligence and hence becomes

less swayed by its advisors. We also notice that Glass Lewis’s customers that provide an index

fund are more likely to be swayed by the advisor. This result is consistent with Lund (2017), Iliev

et al. (2020), and Heath et al. (2021), who show that indexers do significantly less governance

research.

3.2 Investors that Change Proxy Advisors

Another way to gauge proxy advisors’ influence is to examine an investor’s voting pattern if it

switches proxy advisors. Throughout my sample, 22 fund families have switched from using

ISS’s voting platform to using Glass Lewis’s platform, which I interpret as switching voting
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advice from ISS to Glass Lewis, and 10 fund families have switched from Glass Lewis to ISS.

If a proxy advisor’s recommendations influence its customers’ votes, we expect that the voting

patterns for funds that switch proxy advisors will change after the switch. To test this hypothesis,

consider the following diff-in-diff regression estimating the effect of switching advisors on the

fund’s vote patterns.

Agreei,t+1 −Agreei,t = β0 + β1 · Switchit + γ
′ ·Z + ε it (3)

where Agreei,t is the fraction of fund i’s votes that agree with ISS (or Glass Lewis) in year t. As

in equation 2, this fraction can be calculated for proposals where the proxy advisor supports or

opposes the management. The independent variable Switchit denotes whether the fund switches

from being an ISS customer to a Glass Lewis customer or vice versa from the year t to t + 1.

Table 9 reports the results of estimating equation 3. In Panel A, we see that after a fund

switches its advisor from Glass Lewis to ISS, its votes become 3 percent less likely to agree with

Glass Lewis on proposals where Glass Lewis supports the management (GL’s certification effect).

Similarly, after a fund switches from ISS to Glass Lewis, its votes become 4 percent less likely to

agree with ISS but 4 percent more likely to agree with Glass Lewis on uncontentious proposals.

The results are consistent with Table 6, which uses cross-sectional variations to estimate the proxy

advisors’ certification effect. Similar results can be obtained for ISS and Glass Lewis’s sways effect

in Panel B.

To see the effect visually, figure 5 displays the evolution of a fund’s vote pattern if it switches

proxy advisors. Panel A includes funds that have switched from being an ISS customer to being

a Glass Lewis customer, and Panel B includes the funds that have switched from Glass Lewis

to ISS. All figures’ x-axes denote the relative year to the year of the switch. Each Panel’s first

two figures plot the switching funds’ ”relative agreement” with ISS, which is the percentage of a

fund’s votes on contentious proposals that agree with ISS minus that of the benchmark. For the

benchmark, the first figure uses the same fund’ vote agreement with ISS in the switching year

(for time-series comparison). The second figure uses the average vote agreement with ISS among

all ISS’s customers (for cross-sectional comparison). Figure 3 and 4 are constructed analogously

for funds’ ”relative agreement” with Glass Lewis.

3.3 Mitigating Self-Selection Concerns

One difficulty in estimating proxy advisors’ influence is the endogeneity problem arriving from

the unobservable firm and proposal characteristics (Choi et al., 2009). Thus far, I have addressed

this issue by comparing a proxy advisor customers’ votes with those of other investors on the

same proposal. In an ideal experiment, we want to do so after randomly assigning investors to

different advisors to tease out investors’ self-selection.

To distinguish proxy advisors’ influence from investors’ self-selection, table 5 shows that

informed investors’ votes are less similar to their advisors’ recommendations, in contrast to what
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the self-selection hypothesis would predict. The result is consistent with the hypothesis that ISS

and Glass Lewis influence votes, especially when their customers perform less due diligence.

In addition, section 3.2 examines a fund’s voting pattern after it switches proxy advisors.

This approach is similar to including a fund fixed effect to equation 2, and hence controls for the

time-invariant fund characteristics. One may still be concerned that a fund’s intrinsic propensity

to agree with a proxy advisor may be time-variant, and both the decision to switch advisors and

the subsequent votes can result from the changing fund characteristics. To further alleviate the

endogeneity concern, I restrict the sample of switching funds to those who do not change their

proxy voting guidelines to further control for funds’ voting preferences.26 The results continue

to hold and are provided in the Online Appendix.

Furthermore, I use the propensity score matching method (PSM) to match the characteristics

of a proxy advisor’s customers with those of other investors within the same year when estimat-

ing equations 1 and 2. The PSM method used is a one-to-one matching without replacement and

with a tolerance of 0.001 for the score on characteristics in Table 1.C. Table 10 reports the result

of OLS regressions for equations 1 and 2 after the matching. The result shows that ISS and Glass

Lewis’s influence estimated after the PSM are qualitatively similar to the estimation before the

PSM (Table 6). The online appendix shows the distribution of funds’ characteristics before and

after the matching and validates the common support assumption.

3.4 The Influence of Proxy Advice over Time

As mentioned earlier, in contrast to Malenko and Shen (2016), my method can identify both

ISS and Glass Lewis’s influence on every proposal type every year. This enables me to answer

many other important questions, such as whether ISS’s influence is ever-growing. A priori, the

answer is not obvious. On the one hand, the mutual fund industry has become growingly more

passive. Some research shows that passive funds conduct significantly less research on corporate

governance (Iliev et al., 2020). If that is the case, we expect that proxy advisors have growing

influence on their customers’ votes. On the other hand, investors over the years developed

stronger standpoints on social and governance issues. For example, BlackRock CEO Larry Fink

sent a letter in 2019 to corporate executives, demanding them to be aware of ESG risk. If this

is the case, we expect that investors rely less on proxy advisors. The debate is manifested in a

Bloomberg’s survey – “practitioners disagreed on whether the proxy advisory firms’ influence

has grown, decreased, or stayed about the same.”

26Mutual funds generally disclose their proxy voting guidelines in the SAI section of their prospectus, which may ex-
plain how they would vote on different issues (e.g., board composition, executive compensation, or ESG matters, etc.).
For example, see Thrivent Funds’ prospectus: https://www.sec.gov/cgi-bin/browse-edgar?action=getcompany&

CIK=0000811869&type=485. The fund changed its proxy advisor from Glass Lewis to ISS between 2011 and 2012 but
didn’t change any word of its 3-page proxy voting guidelines (except “Glass Lewis” was changed to “ISS”) on its
2011/2012 prospectus.
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To investigate whether proxy advisors’ influence has been changing over time, I repeat the

estimation of proxy advisors’ sway effects (equation 2) for each year. Figure 6 illustrates the

result. It shows that after 2011, ISS’s influence is growing for proposals of almost any type. For

director elections, it could sway 15 percent of its customers’ votes in 2011, but the influence grows

to 21 percent in 2017. ISS’s sway influence on say-on-pay proposals grows from 12 percent to

22 percent, and its sway influence on shareholder-sponsored proposals grows from 13 percent

to 25 percent. Another interesting finding is that there is a spike in ISS’s influence during the

2008-2009 financial crisis. This result can be reconciled with the finding that investors rationally

allocate their attention during times of stress (Kacperczyk et al., 2016; Kempf et al., 2017).

The trend for Glass Lewis’s influence is more volatile during my sample period. There is a

slight decrease in Glass Lewis’s sway effects in the last decade. This is particularly salient for

its influence on say-on-pay proposals – when Glass Lewis opposed a compensation package, it

could sway 32 percent of its customers’ votes in 2011, but only 17 percent in 2017.

4 Robo-Voting

The problem with investors blindly following proxy advisors, a so-called practice of robo-voting,

is always a great concern for industry participants and regulators. A 2020 survey shows that 90

percent of retail investors support disabling robo-voting when proxy advisors’ reports provide

additional analysis.27 While there is no uniform definition for robo-voting, it generally denotes

the practice of investors automatically relying on proxy advisors’ recommendations without eval-

uating the merits of the recommendations or the analysis underpinning them. Another survey

done by four major U.S. law firms shows that around 20 percent of votes are executed within

three business days after ISS issues its recommendations (Placenti, 2018).

Accurately measuring the extent to which investors automatically execute votes is particularly

crucial in light of the SEC’s proposed rule in 2019 giving companies a chance to respond to a

proxy advisor’s analysis before recommendations are sent to investors. The rule is intended to

reduce proxy advisors’ factual errors or methodological weaknesses, but it will become effective

only if investors review companies’ responses rather than robo-vote with their proxy advisors.

As the SEC itself asked, “In instances where proxy voting advice businesses provide voting

execution services (pre-population and automatic submission) to clients, are clients likely to

review a registrant’s response to voting advice?”28

Researchers have attempted to measure the extent to which investors blindly follow the proxy

advice (Iliev and Lowry, 2015; Doyle, 2018; Placenti, 2018; Boone et al., 2020). However, without

being able to identify proxy advisors’ customers, they tend to underestimate the severity of the

27The survey also shows that 47 percent of retail investors are familiar with the issue of robo-
voting: https://www.prnewswire.com/news-releases/spectrem-group-study-reveals-wide-retail-investor-

support-for-proposed-sec-amendments--january-10-2020-300984956.html
28See, https://www.sec.gov/rules/proposed/2019/34-87457.pdf page 9.
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problem by inflating the denominator – they compare the number of ISS customers that robo-

vote with the total number of investors rather than with just the number of ISS customers. For

example, Iliev and Lowry (2015) mention that ”to the extent that some funds rely on a proxy

advisory service other than ISS, we actually underestimate the frequency of passive voting.”

Fortunately, with the help of my dataset, I can more accurately estimate the fraction of robo-

voters among a particular proxy advisor’s customers.

I define an investor as an ISS robo-voter if it agrees in a year with ISS on more than 99.9 per-

cent of proposals where ISS disagrees with management. This is a restrictive definition because

the definition implies that robo-voters side with management fewer than 0.1 percent of times.29

It is hence unlikely that the flag results from the coincidental agreement between the investors

and ISS. Similarly, I flag an investor as a Glass Lewis robo-voter if it agrees in a year with Glass

Lewis on more than 99.9 percent of proposals where Glass Lewis disagrees with management.

Figure 7.A displays the total number of ISS robo voters and their relative fractions among

funds that subscribe to ISS, Glass Lewis, or neither. The result shows that the practice of robo-

voting among ISS customers is prevalent and growing. In 2017, 29 investors combined managing

over $200 billion of assets almost entirely follow ISS recommendations. From 2007 to 2017, the

fraction of robo-voting ISS customers grows from 5 percent to 23 percent. This provides a direct

answer to the SEC’s question: 23 percent of ISS’s customers will not review companies’ responses

even if they are given a chance to do so. On the other hand, Figure 7.B shows that the practice of

robo-voting among Glass Lewis’s customers appears to be less prevalent.

So far, we have focused on one form of robo-voting – blindly following proxy advisors’

recommendations. However, when making voting decisions, investors face another source of

information: managements’ recommendations. There is an often-ignored risk that investors may

blindly follow management’s recommendations, especially investors who do not subscribe to any

proxy advice. Indeed, Figure 7.C shows that robo-voting with management is also widespread

and growing among those investors. In 2017, 15 investors, combined with over $10 billion, blindly

follow management’s recommendations.

One immediate question is who those robo-voters are? Are they index funds who arguably

perform less due diligence of reviewing proxy advisors’ recommendations, as suggested by Lund

(2017) and Iliev et al. (2020)? Alternatively, are index funds active participants due to their large

voting blocs, as suggested by Appel et al. (2016)? Table 11 reports the results of OLS regressions

on whether a fund is a robo-voter as a function of its characteristics. The result shows that

ISS customers that provide any index product are 8 percent more likely to blindly follow ISS’s

29My definition is more restrictive than Iliev and Lowry (2015), Doyle (2018), and Boone et al. (2020), who flag
an investor as a robo-voter if its votes agree with ISS on more than 99 percent of all proposals. Given that most
proposals are not contentious, using 99 percent agreement with ISS on all proposals will not be an accurate indicator
for robo-voting. For example, Doyle (2018) singled out the investor AQR as one of the funds that agree with ISS the
most. The fund family follows ISS’s recommendations 99.9% of the time. However, if we only look at the contentious
proposals, it agrees with ISS only 97.5% of the times, which is not within my definition of robo-voting.
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advice. This is consistent with Lund (2017), who argue that index funds lack incentives to ensure

well-run companies as they do not seek to outperform the index. Nevertheless, the result is

not inconsistent with Appel et al. (2016), who argue that passive investors exert influence on

corporate governance through their large voting blocs. In fact, I show that doubling a fund

family’s total assets decreases the probability of it being an ISS robo-voter by 5 percent and being

a management robo-voter by 2 percent. This is an unsurprising finding because larger funds have

greater economic interests at stake, so they are more likely to participate actively in voting. They

also possess better resources for corporate stewardship. The result echos the 2007 GAO survey

showing that small investors have limited resources to conduct their own research and tend to

rely more heavily on proxy advisory firms.

5 How Can Proxy Advice Be Influenced?

So far, we have seen that proxy advisors significantly influence their customers’ votes for both

director elections and say-on-pay proposals. Specifically, over 20 percent of ISS customers almost

entirely follow ISS’s recommendations. Nevertheless, it is not clear whether proxy advisors’ in-

fluence creates or destroys value from a normative perspective. On the one hand, proxy advisors

provide an additional independent source of information (Malenko and Malenko, 2019). On the

other hand, they are for-profit companies, and their advice suffers from conflicts of interest. For

example, Li (2018) shows that ISS’s recommendations favor the management with which it has

a consulting business. Matsusaka and Shu (2020) show theoretically that proxy advisors cater

to investors, especially non-value-maximizing ones. In this section, I first establish that both ISS

and Glass Lewis cater to investors’ preferences to attract and retain business. Then I show that

such catering departs from value-maximization.

5.1 Proxy Advisors Cater to Investors

Table 12’s Panel A shows the percentage of proposals that ISS or Glass Lewis changes its rec-

ommendations. I define a proposal on which ISS or Glass Lewis changes its recommendations

if it supports/opposes the proposal in year t but opposed/supported the same company’s same

proposal in year t− 1. For director elections, I use the director’s name to link elections across

different years within a company, and for proposals of other types, I use their general descrip-

tions to link them.30 We see that both ISS and Glass Lewis have changed their recommendations

for every proposal type, except for the proposals on board declassification, which both proxy

advisors always support (Table 1.B).

30The ISS Voting Analytics dataset does not provide identifiers for director names. I extract director names from
proposal descriptions – for example, I extract “Steven P. Jobs” from the description “Elect Director Steven P. Jobs.” On
occasions, the same director can appear with different variations of their names (e.g., Bill Gates and William Gates).
The Online Appendix provides additional details on attracting director names.
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To test the hypothesis of whether proxy advisors cater to investors. I estimate an OLS re-

gression of whether ISS or Glass Lewis changes its recommendation as a function of investors’

past disagreement with the advisor. Table 12 Panel B shows the result. Columns 3 and 6 include

the Firm×Proposal effect to control for the firm and proposal-specific fundamentals. The result

shows that a 10 percent additional disagreement between ISS’s customers and its recommenda-

tion will result in a 5 percent additional chance that it changes the recommendation when the

same proposal reappears in the same company. Glass Lewis also caters to investors, but to a

much less extent – a 10 percent additional disagreement between Glass Lewis and its customers

will result in a 0.5 percent additional chance that it changes its recommendation. Those results

confirm the hypothesis that proxy advisors cater to investors. Another interesting finding is that

ISS caters more to its existing customers while Glass Lewis caters more to funds that are not yet

its customers. This suggests that ISS’s main objective is to maintain its dominance, while Glass

Lewis’s objective is to expand its business.

There are two potential explanations for the observation that proxy advisors’ change of rec-

ommendations comes after investors’ disagreement. On the one hand, investors may possess

better information, and proxy advisors learn from their disagreement. For example, Aggarwal

et al. (2014) show that proxy advisors’ recommendations are associated with changing public

opinions. Denote this explanation as the information channel. On the other hand, proxy advi-

sors cater to investors because doing so can retain and attract customers, hence increasing their

profits. Denote this explanation as the catering channel. To disentangle the two channels, I ex-

amine what types of investors that proxy advisors listen to the most. If the information channel

is the case, we expect proxy advisors to listen relatively more to active investors because they are

more likely to possess better information. If the catering channel is the case, we expect proxy

advisors to listen relatively more to passive investors because passive funds conduct significantly

less research on corporate governance and hence are more likely to seek proxy advice (Iliev et al.,

2020). Regardless of the two channels, we expect proxy advisors to listen more to larger investors

because they have more resources to be informed while also mean greater revenues for proxy

advisors.

Table 13 shows the OLS regression results of whether a proxy advisor changes its recom-

mendation as a function of the past disagreement between its advice and votes of investors with

different characteristics. In Panel A, I denote an investor a large fund if its total net asset is above

the median among all fund families in the same year, and I denote an investor an active fund

if the percentage of its votes disagrees with managements is above the median. In Panel B, I

double sort according to the above two metrics (size and activism) to alleviate the concern that

they are correlated – a large fund is also more active. Both Panels show that ISS and Glass Lewis

listen more to large and non-active funds. This is consistent with the catering channel: non-active

funds perform less governance research by themselves and hence are more likely to be potential

proxy advisor customers.
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5.2 Why Do Proxy Advisors Cater?

Proxy advisors cater to investors because doing so can attract and retain customers. To see

this, Table 14.A examines the relationship between an investor’s past one-year or past three-year

agreement with the two proxy advisors and its subsequent choice of its advisor. It shows that a

10 percent additional agreement with ISS results in an 8.5 to 11 percent more chance for Glass

Lewis’s customers to switch to ISS, and 2.1 to 2.7 more chance for other investors to switch to ISS.

Similarly, a 10 percent additional agreement with Glass Lewis results in an 11 to 12 percent more

chance for other investors to switch to Glass Lewis. Furthermore, column 2 also shows that a 10

percent additional agreement with Glass Lewis can result in a 7.4 percent reduction in the chance

for Glass Lewis’s existing customers to leave the firm. Those results suggest that having the same

stance with investors helps proxy advisors attract potential customers and retain existing ones.

Table 14.B repeats the analysis by separately studying the effect of investors’ past agreement

with the two proxy advisors on different proposals. It shows that investors pay more attention to

the alignment of preference on director elections than on say-on-pay proposals or shareholder-

sponsored proposals. This suggests that ISS and Glass Lewis have particular interests in listening

to investors’ disagreement on director elections. Section 5.3, however, will show that it is such

catering that particularly destroys value.

5.3 Effects of Proxy Advisors’ Catering on Underlying Firms

Thus far, we have established the fact that proxy advisors listen to investors. In particular, they

listen more to non-active investors. This result provides suggestive evidence that proxy advisors

cater to investors for their own profits. To further disentangle the information channel and the

catering channel, I examine the effect of proxy advisors’ changes of recommendations on the

underlying firm values. If it is the case that investors possess better information and proxy

advisors learn from their disagreement, then the change of recommendation is consistent with

value-maximization and should increase firm value. If it is the case that proxy advisors cater to

investors because doing so increases their own profits, then the change of recommendation is not

aligned with value-maximization and should decrease firm value.

Table 15 shows the effect of whether the vote outcome eventually adopts the proxy advisor’s

recommendations on the firm’s cumulative abnormal return (CAR). To exclude proposals with

widely anticipated outcomes (e.g., ratification of auditors or other routine proposals), I only focus

on close-call proposals within 20% of the passing requirement. Figure 9 shows the robustness

for different choices of close-call margins.31 Most importantly, I separately examine the effect of

31I choose a larger margin than Cuñat et al. (2012)’ 5% for my main analysis because I specifically focus on proposals
where ISS or Glass Lewis changed their recommendations. They are contentious in nature, and using a too narrow
margin may pose issues because they are more likely to be manipulated by management (Bach and Metzger, 2019).
This is particularly true for my analysis – unlike Cuñat et al. (2012) who only study governance proposals, my sample
includes director elections, which managements have more incentives to manipulate.

21



proxy advisor’s recommendations on firms’ CAR for proposals where they do or do not change

recommendations.

The result shows that there is a negative two percent abnormal return if the vote outcome

adopts ISS’s changed recommendations. This suggests that most shareholders do not appreciate

ISS’s changed recommendations, or in other words, ISS’s catering is not aligned with value-

maximization.32 The result is consistent with the hypothesis that the catering is for ISS’s own

benefit rather than with the information hypothesis. This result is in line with Larcker et al.

(2015) who show that firms’ compensation changes desired by proxy advisors produce a net cost

(0.44 percent) to shareholders.

The result also shows that when ISS does not change its recommendation, whether or not

the vote outcome adopts the recommendation does not affect the underlying firm value. This

replicates the results of Iliev and Lowry (2015), and casts double on the value of ISS’s recom-

mendation by and large. For Glass Lewis, its recommendations, changed or not, do not seem to

matter to the underlying firm value.

Table 16.A repeats the analysis for each proposal type. The result shows that it is particularly

value-decreasing when ISS changes recommendations for director elections. This is reconciled

with the results of Section 5.2 – ISS has more incentives to cater to investors on director elections

because they matter the most to investors when choosing proxy advisors. Table 16.B examines the

effects of ISS’s changed recommendations when it listens to different investors. The result shows

that it is when ISS listens to non-active investors that its changed recommendations destroy value

the most. This again confirms the hypothesis that catering, particularly when it’s for ISS’s own

profit, destroys value.

6 Conclusion

The value of the proxy advisory industry is a matter of continual debate. Many questions – even

the most basic ones such as each proxy advisory firm’s market share – remain unanswered due

to the lack of information that links investors to their proxy advisors. A key innovation of this

paper is that I use a previously unnoticed feature of regulatory filings to identify each mutual

fund’s subscription to proxy advice. With this information in hand, I provide what appears to be

the first accurate representation of the proxy advisory industry’s competitive landscape. During

2007-2017, the market share of the two largest proxy advisory firms has declined slightly from

96.5 percent to 91 percent, with ISS controlling 63 percent of the market and Glass Lewis 28

percent in the most recent year.

Both ISS and Glass Lewis have strong influence: negative recommendations from ISS or Glass

32A 2016 GAO report and Larcker et al. (2013) show that only a relatively small number of institutional investors
drive ISS’s policy formation process. In addition, McCahery et al. (2016) show that as many as 40 percent of institu-
tional investors do not use proxy advisors.
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Lewis reduce their customers’ votes by over 20 percent in both director elections and say-on-pay

proposals. The influence is stronger on funds with smaller assets and on fund families that

provide an index product. Furthermore, the practice of robo-voting is increasing in prevalence,

especially among ISS customers. In 2017, 23 percent of ISS customers, managing over $200 billion

of assets combined, follow ISS recommendations almost entirely, rising from only 5 percent of

ISS customers in 2007.

Proxy advisors cater to investors’ preferences – adjust their recommendations to align with

fund preferences – because doing so can attract and retain customers. They particularly cater to

large and non-active investors. Examining the underlying firm value shows that such catering is

not aligned with value-maximization: the stock price responds negatively when the vote outcome

adopts ISS’s altered recommendation.
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Table 1: Summary Statistics

(A) Number of Votes (Proposals) by Year

This table reports the number of votes and the number of proposals from 2006-2017. For each year and each proposal type, the number of votes is displayed at the
top, and the number of proposals is displayed at the bottom in parentheses. Votes are aggregated at the fund-family level. After 2011, say-on-pay proposals
become mandatory as part of the Dodd-Frank Act, and they have to be brought up by the management every one to three years. Before that, shareholders can
sponsor them as governance measures. Because they are different in nature, I treat say-on-pay proposals as different proposal types if happened before and after
2011.

Director

Elections

Say-on-Pay

(before 2011)

Say-on-Pay

(after 2011)

Compensation:

Other

Financial

Policy

Golden

Parachutes

Adopt

Poison Pill

Board

Declass.

Proxy

Access

Independent

Chairman

Political

Contributions

Animal

Rights

Environ-

mental

Social

Proposal

2006 398,944

(15,682)

151

(4)

0

(0)

25,490

(1,009)

9,996

(408)

0

(0)

95

(4)

3,786

(107)

0

(0)

2,044

(49)

1,917

(35)

0

(0)

684

(14)

2,549

(44)

2007 457,725

(15,733)

2,791

(48)

0

(0)

27,553

(949)

11,833

(473)

0

(0)

106

(4)

3,483

(87)

0

(0)

2,205

(39)

1,862

(33)

0

(0)

1,591

(27)

3,576

(55)

2008 520,593

(16,399)

4,738

(82)

0

(0)

32,282

(1,031)

10,916

(353)

0

(0)

185

(8)

4,896

(145)

0

(0)

1,659

(28)

1,784

(31)

514

(10)

1,537

(25)

74

(1)

2009 642,132

(17,877)

10,699

(307)

0

(0)

41,754

(1,132)

11,809

(381)

0

(0)

615

(19)

4,638

(115)

0

(0)

2,173

(37)

2,168

(32)

858

(14)

1,309

(23)

0

(0)

2010 700,604

(17,696)

10,276

(213)

0

(0)

41,726

(1,057)

10,864

(347)

0

(0)

485

(16)

4,774

(110)

0

(0)

2,831

(42)

2,590

(36)

946

(15)

2,585

(39)

0

(0)

2011 731,016

(20,328)

0

(0)

109,840

(3,137)

41,207

(1,152)

12,060

(392)

1,241

(39)

237

(9)

4,926

(97)

0

(0)

1,966

(29)

4,101

(53)

718

(9)

2,021

(30)

0

(0)

2012 796,741

(21,865)

0

(0)

104,227

(2,569)

40,176

(1,130)

11,609

(419)

2,450

(98)

338

(14)

7,542

(130)

672

(12)

3,963

(56)

6,063

(72)

923

(13)

1,199

(16)

0

(0)

2013 780,276

(23,971)

0

(0)

99,851

(3,026)

44,046

(1,252)

11,726

(481)

3,679

(147)

323

(16)

6,825

(133)

1,091

(17)

4,137

(63)

5,438

(76)

288

(6)

1,795

(23)

33

(1)

2014 933,399

(25,341)

0

(0)

126,707

(3,219)

44,801

(1,230)

13,265

(456)

3,666

(122)

174

(6)

4,854

(102)

2,024

(23)

4,599

(64)

6,798

(84)

424

(6)

3,163

(41)

87

(1)

2015 1,204,561

(25,717)

0

(0)

142,254

(2,755)

58,370

(1,258)

17,398

(499)

6,413

(153)

236

(11)

3,302

(70)

9,224

(105)

6,650

(65)

6,967

(65)

696

(10)

5,038

(50)

144

(1)

2016 1,159,292

(25,126)

0

(0)

134,638

(2,788)

56,627

(1,270)

18,587

(571)

7,428

(174)

159

(5)

3,107

(63)

8,577

(112)

4,605

(49)

7,081

(67)

119

(2)

4,766

(50)

538

(5)

2017 1,052,208

(20,487)

0

(0)

132,384

(2,547)

50,348

(1,065)

11,205

(333)

3,095

(77)

0

(0)

2,580

(51)

3,770

(44)

3,984

(43)

5,792

(58)

184

(3)

4,876

(51)

563

(4)
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Table 1: Summary Statistics (Continued)

(B) Proposal Characteristics

This table reports summary statistics for different proposal types. It covers 7489 firms across 2006-2017. Except for “#
of items”, all numbers shown in the table represent the mean. “# of items” denotes the number of occurrences.
“Mgmt Sponsor” is a dummy that equals one if the management sponsors the proposal. “Mgmt For”/“ISS
For”/“GL For” equals 1 if management/ISS/GL recommends for the proposal. “% For (ISS)”/“% For (GL)” denotes
the fraction of ISS/GL’s customers that vote “For” the proposal. “Prop Passed” is a dummy that equals one if the
proposal is passed.

# of

Items

Mgmt

Sponsor

Mgmt

For

ISS

For

GL

For

% For

(ISS)

% For

(GL)

% For

(others)

Prop

Passed

Routine Proposals

Director Elections 247,528 100% 100% 89% 90% 90% 91% 91% 100%

Say-on-Pay (before 2011) 637 59% 59% 87% 90% 76% 52% 71% 65%

Say-on-Pay (after 2011) 19,893 100% 100% 88% 83% 89% 87% 88% 98%

Compensation: Other 14,380 100% 100% 78% 84% 77% 78% 79% 99%

Financial Policy 5,029 100% 100% 92% 85% 92% 91% 87% 98%

Governance Proposals

Golden Parachutes 777 100% 100% 74% 83% 78% 80% 69% 93%

Adopt Poison Pill 111 100% 97% 67% 8% 60% 40% 56% 81%

Board Declassification 1,281 62% 62% 100% 100% 96% 97% 91% 83%

Proxy Access 305 17% 19% 90% 79% 77% 64% 63% 54%

Independent Chairman 595 0% 0% 65% 93% 43% 45% 42% 5%

Social Proposals

Political Contributions 688 0% 0% 73% 49% 40% 28% 28% 1%

Animal Rights 85 0% 0% 7% 4% 8% 6% 4% 1%

Environmental 398 0% 0% 64% 22% 36% 20% 20% 1%

Other Social Proposal 172 0% 3% 15% 10% 10% 7% 7% 3%
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Table 1: Summary Statistics (Continued)

(C) Mutual Funds

This table displays the summary statistics at the fund-family level. A fund family is defined as a unique fund
management in the CRSP Mutual Fund Dataset (variable mgmt cd). One observation is a family-year. A fund is an
“ESG” fund if its name contains any of the following words: esg, social, climate, environment, impact, responsible,
carbon, and fossil. A fund is an “institutional” fund if it’s flagged by CRSP as an institutional fund. A fund is an
“index” fund if either it’s flagged by CRSP as an index fund or its name contains any of the following words: index,
idx, indx, inds, russell, s & p, s and p, s&p, sandp, sp, dow, dj, msci, bloomberg, kbw, nasdaq, nyse, stoxx, ftse,
wilshire, morningstar, 100, 400, 500, 600, 900, 1000, 1500, 2000, 5000 (Iliev and Lowry, 2015). Management fee and
expense ratio for the family are the TNA-weighted averages among all funds in the family. Fund families’ uses of
voting platforms are inferred from their N-PX filings. “% agree with ISS/GL/Mgmt” denotes the fraction of
proposals that the fund votes in the same direction ISS/GL/Mgmt’s recommendations. I define a fund-family as an
ISS (GL) robo-voter if it agrees in a year with ISS (GL) on more than 99.9 percent of proposals where ISS (GL)
disagrees with management. I define a fund-family as a management robo-voter if it agrees in a year with Mgmt on
more than 99.9 percent of proposals when either ISS or GL disagrees with the Mgmt.

Obs Mean Std 5% 25% Median 75% 95%

Characteristics

Age of the Mgmt 2,491 29.20 22.76 3.00 14.00 23.00 35.00 80.00

Total Net Asset (in $10ˆ6) 2,491 60.41 243.81 0.03 0.56 4.42 26.83 236.43

Number of Votes (in 1000) 2,491 5.40 6.85 0.06 0.69 2.37 7.43 22.22

Provide ESG Fund 2,491 0.07 0.26 0.00 0.00 0.00 0.00 1.00

Provide Institutional Fund 2,491 0.76 0.43 0.00 1.00 1.00 1.00 1.00

Provide Index Fund 2,491 0.31 0.46 0.00 0.00 0.00 1.00 1.00

Management Fee 2,474 0.64 0.43 0.13 0.44 0.63 0.86 1.16

Expense Ratio 2,474 0.01 0.00 0.00 0.01 0.01 0.01 0.02

Voting Platform

Use ISS ProxyExchange 2,491 0.51 0.50 0.00 0.00 1.00 1.00 1.00

Use GL Viewpoint 2,491 0.07 0.26 0.00 0.00 0.00 0.00 1.00

Use Broadridge ProxyEdge 2,491 0.24 0.43 0.00 0.00 0.00 0.00 1.00

Use Others 2,491 0.18 0.39 0.00 0.00 0.00 0.00 1.00

Votes

% agree with ISS 2,491 0.91 0.12 0.72 0.89 0.93 0.97 1.00

% agree with GL 2,156 0.87 0.10 0.71 0.85 0.89 0.92 0.98

% agree with Mgmt 2,491 0.90 0.12 0.72 0.89 0.92 0.96 1.00

Robo - Vote with ISS 2,491 0.10 0.30 0.00 0.00 0.00 0.00 1.00

Robo - Vote with GL 2,491 0.01 0.09 0.00 0.00 0.00 0.00 0.00

Robo - Vote with Mgmt 2,491 0.06 0.24 0.00 0.00 0.00 0.00 1.00
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Table 2: Descriptive Statistics – Snapshot 2008, 2012, and 2017

This table provides the descriptive statistics for fund-families that use ISS ProxyExchange, Glass Lewis Viewpoint, and Broadridge ProxyEdge as their proxy
voting systems for the years 2008, 2012, and 2017. The definitions for characteristics variables and voting variables are the same as those of table 1.C. The
two-dimensional ideology scores in 2012 are provided by Bolton et al. (2020). Both in the range of (-1,1), the two scores are interpreted as investors’ toughness on
social issues and toughness on governance issues. The scores’ polarity is arbitrary, and I keep the original authors’ convention: socially oriented investors have a
lower score in the first dimension, and tough-on-governance investors have a larger score in the second dimension.

2008 2012 2017

ISS GL BR ISS GL BR ISS GL BR

Characteristics

Family Age 32.2 (2.4) 72.3 (7.4) 25.9 (3.3) 33.6 (2.4) 30.9 (5.6) 23.9 (2.5) 33.8 (2.1) 35.8 (4.9) 23.9 (2.3)

Asset ($10ˆ6) 47.4 (12.8) 279 (245) 8.3 (2.2) 75.2 (19.7) 86.2 (52.4) 10.7 (3.1) 82.6 (21.7) 134.1 (69) 17.5 (8.7)

# votes (1000) 5.68 (0.6) 6.18 (1.9) 2.11 (0.4) 7.42 (0.8) 9.45 (1.8) 3.44 (0.7) 8.34 (0.7) 8.18 (1.6) 3.39 (0.6)

Index Fund 0.40 (0.0) 0.00 (0.0) 0.18 (0.1) 0.41 (0.1) 0.50 (0.1) 0.21 (0.1) 0.42 (0.0) 0.35 (0.1) 0.25 (0.1)

Institutional 0.79 (0.0) 1.00 (0.0) 0.59 (0.1) 0.82 (0.0) 1.00 (0.0) 0.68 (0.1) 0.87 (0.0) 0.96 (0.0) 0.72 (0.1)

ESG Fund 0.07 (0.0) 0.33 (0.3) 0.00 (0.0) 0.06 (0.0) 0.17 (0.1) 0.00 (0.0) 0.17 (0.0) 0.27 (0.1) 0.07 (0.0)

Expense Ratio 0.01 (0.0) 0.01 (0.0) 0.01 (0.0) 0.01 (0.0) 0.01 (0.0) 0.01 (0.0) 0.01 (0.0) 0.01 (0.0) 0.01 (0.0)

Mgmt Fee 0.54 (0.0) 0.46 (0.1) 0.77 (0.1) 0.59 (0.0) 0.52 (0.1) 0.75 (0.0) 0.56 (0.0) 0.59 (0.0) 0.73 (0.0)

Voting

Agree with ISS 0.93 (0.0) 0.87 (0.0) 0.85 (0.0) 0.94 (0.0) 0.87 (0.0) 0.87 (0.0) 0.95 (0.0) 0.90 (0.0) 0.82 (0.0)

(contentious) 0.66 (0.0) 0.37 (0.1) 0.36 (0.1) 0.70 (0.0) 0.45 (0.0) 0.40 (0.0) 0.71 (0.0) 0.33 (0.0) 0.34 (0.0)

Agree with GL 0.84 (0.0) 0.88 (0.1) 0.79 (0.0) 0.86 (0.0) 0.91 (0.0) 0.85 (0.0) 0.90 (0.0) 0.95 (0.0) 0.85 (0.0)

(contentious) 0.29 (0.0) 0.44 (0.2) 0.26 (0.0) 0.29 (0.0) 0.60 (0.1) 0.29 (0.0) 0.39 (0.0) 0.60 (0.1) 0.32 (0.0)

Agree with Mgmt 0.90 (0.0) 0.90 (0.0) 0.87 (0.0) 0.91 (0.0) 0.88 (0.0) 0.88 (0.0) 0.91 (0.0) 0.93 (0.0) 0.86 (0.0)

(contentious) 0.55 (0.0) 0.63 (0.2) 0.71 (0.0) 0.57 (0.0) 0.51 (0.1) 0.69 (0.0) 0.44 (0.0) 0.63 (0.0) 0.69 (0.0)

Robo - Vote with ISS 0.05 (0.0) 0.00 (0.0) 0.00 (0.0) 0.12 (0.0) 0.00 (0.0) 0.04 (0.0) 0.24 (0.0) 0.00 (0.0) 0.04 (0.0)

Robo - Vote with GL 0.00 (0.0) 0.00 (0.0) 0.03 (0.0) 0.01 (0.0) 0.00 (0.0) 0.00 (0.0) 0.00 (0.0) 0.04 (0.0) 0.01 (0.0)

Robo - Vote with Mgmt 0.00 (0.0) 0.00 (0.0) 0.06 (0.0) 0.01 (0.0) 0.00 (0.0) 0.06 (0.0) 0.00 (0.0) 0.00 (0.0) 0.09 (0.0)

Ideology

(1st) Social . . . -0.11 (0.0) 0.01 (0.1) 0.12 (0.1) . . .

(2nd) Governance . . . -0.40 (0.0) 0.57 (0.1) 0.01 (0.1) . . .

N 98 3 34 96 18 53 132 26 75
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Table 3: Descriptive Statistics - Regression

This table displays OLS regressions of fund-families’ characteristics as functions of their uses of different proxy
voting systems. Panel A’s regressions include all mutual fund families. Independent variables are dummies that
denote whether the fund is an ISS/GL/Broadridge customer. Dependent variables are fund families’ characteristics,
which are defined in the table 1.C. The baseline group is fund families that use none of ISS/GL/Broadridge’s voting
system. Panel B’s regressions include fund families that use either ISS or Glass Lewis’s voting system only. The
baseline group is fund families that use GL’s voting system. Standard errors in both tables are clustered at the
fund-family level. *,**, and *** denote statistical significance at the 10%, 5%, and 1% levels, respectively.

(A) Baseline: Fund families that use neither ISS/GL/Broadridge

log
asset

log
votes

Age
Provide
Index

Provide
Inst.

Provide
ESG

Expense
Ratio

Mgmt.
Fee

(1) (2) (3) (4) (5) (6) (7) (8)

ISS Customer 2.69∗∗∗ 1.86∗∗∗ 11.47∗∗∗ 0.20∗∗∗ 0.19∗∗∗ 0.05 -0.00∗∗∗ -0.10∗

(0.39) (0.24) (3.29) (0.06) (0.05) (0.04) (0.00) (0.05)

Glass Lewis Customer 2.95∗∗∗ 2.26∗∗∗ 13.89∗∗ 0.16∗ 0.29∗∗∗ 0.13 -0.00∗∗∗ -0.13∗

(0.58) (0.27) (5.76) (0.09) (0.05) (0.08) (0.00) (0.07)

Broadridge Customer 0.89∗∗ 0.81∗∗∗ 2.80 -0.00 0.03 -0.02 -0.00 0.07
(0.42) (0.26) (3.46) (0.05) (0.06) (0.03) (0.00) (0.07)

Year Effect Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted R2 0.18 0.19 0.05 0.05 0.05 0.02 0.05 0.02
Observations 2,482 2,482 2,482 2,482 2,482 2,482 2,465 2,465
# of cluster 476 476 476 476 476 476 474 474

(B) Baseline: Fund families that use Glass Lewis

log
asset

log
votes

Age
Provide
Index

Provide
Inst.

Provide
ESG

Expense
Ratio

Mgmt.
Fee

(1) (2) (3) (4) (5) (6) (7) (8)

ISS Customer -0.19 -0.35∗ -2.01 0.04 -0.10∗∗ -0.07 0.00 0.04
(0.53) (0.21) (5.65) (0.09) (0.04) (0.07) (0.00) (0.05)

Year Effect Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted R2 -0.00 0.01 -0.01 -0.01 0.02 0.01 -0.00 -0.00
Observations 1,437 1,437 1,437 1,437 1,437 1,437 1,429 1,429
# of cluster 235 235 235 235 235 235 234 234
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Table 4: Effects of Recommendations on Funds’ Votes

This table displays the effects of proxy advisors’ recommendations and the management’s recommendations on
votes of mutual funds that subscribe to different proxy advisors. Each observation is a fund-vote. For all columns,
dependent variables are dummy variables that equal one if the fund voted “For” the proposal.“ISS For”/“GL
For”/“Mgmt For” are dummy variables that equal 1 if ISS/GL/management recommends voting “For” the
proposal. Standard errors are clustered at the fund-family level. *, **, and *** denote statistical significance at the
10%, 5%, and 1% levels, respectively. Regressions are of the form

Vote Forip = ISS Forp ·
(

β1 + β2 · ISS Customerit + β3 ·GL Customerit

)
+ GL Forp ·

(
β4 + β5 · ISS Customerit + β6 ·GL Customerit

)
+ Mgmt Forp ·

(
β7 + β8 · ISS Customerit + β9 ·GL Customerit

)
+ εip

Dependent variable: Vote For

(1) (2) (3) (4) (5)

ISS For 0.47∗∗∗ 0.32∗∗∗ 0.31∗∗∗

(0.03) (0.04) (0.04)

ISS For × ISS Customer 0.27∗∗∗ 0.27∗∗∗ 0.27∗∗∗ 0.27∗∗∗

(0.05) (0.05) (0.05) (0.05)

ISS for × GL Customer -0.21∗∗∗ -0.21∗∗∗ -0.21∗∗∗ -0.21∗∗∗

(0.05) (0.05) (0.05) (0.05)

GL For 0.14∗∗∗ 0.17∗∗∗ 0.15∗∗∗

(0.02) (0.03) (0.03)

GL For × ISS Customer -0.10∗∗∗ -0.10∗∗∗ -0.10∗∗∗ -0.10∗∗∗

(0.03) (0.03) (0.03) (0.03)

GL For × GL Customer 0.31∗∗∗ 0.32∗∗∗ 0.31∗∗∗ 0.31∗∗∗

(0.08) (0.08) (0.08) (0.08)

Mgmt For 0.33∗∗∗ 0.43∗∗∗ 0.29∗∗∗

(0.02) (0.04) (0.04)

Mgmt For × ISS Customer -0.15∗∗∗ -0.15∗∗∗ -0.15∗∗∗ -0.15∗∗∗

(0.05) (0.05) (0.05) (0.05)

Mgmt For × GL Customer -0.08 -0.09 -0.08 -0.07
(0.07) (0.07) (0.07) (0.07)

Company × Year Effect Yes Yes
Proposal Type Effect Yes
Proposal Effect Yes Yes
Fund × Year Effect Yes
Adjusted R2 0.38 0.42 0.35 0.43 0.49
Observations 8,035,567 8,035,566 6,826,083 8,035,460 8,035,459
# of cluster 463 463 463 463 463
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Table 5: Proxy Advisors’ Influences on Informed & Uninformed Funds

This table displays proxy advisor recommendations’ differential effects for proposals on which fund families are
informed and uninformed. Each observation is a fund-vote. For all columns, dependent variables are dummy
variables that equal one if the fund voted “For” the proposal.“ISS For”/“GL For”/“Mgmt For” are dummy
variables that equal 1 if ISS/GL/management recommends voting “For” the proposal. “Visited EDGAR” equals 1 if
the fund has visited the proposal’s proxy statement before its annual meeting. Column 1 and 2 separates the sample
by whether “Visited EDGAR” equals 1. Columns 3 and 4 include the full sample. Standard errors are clustered at the
fund-family level. *, **, and *** denote statistical significance at the 10%, 5%, and 1% levels, respectively.

Dependent variable: Vote For
Visited EDGAR = 0 Visited EDGAR = 1 Full Sample

(1) (2) (3) (4)
ISS For × ISS Customer 0.27∗∗∗ 0.22∗∗∗ 0.19∗∗ 0.19∗∗

(0.05) (0.06) (0.07) (0.08)

ISS for × GL Customer -0.21∗∗∗ -0.13∗∗ -0.22∗∗∗ -0.22∗∗∗

(0.05) (0.06) (0.07) (0.07)

GL For × ISS Customer -0.11∗∗∗ 0.01 -0.08∗∗ -0.08∗∗

(0.03) (0.02) (0.04) (0.04)

GL For × GL Customer 0.32∗∗∗ 0.09∗ 0.21∗∗ 0.21∗

(0.08) (0.05) (0.10) (0.11)

Mgmt For × ISS Customer -0.14∗∗∗ -0.29∗∗∗ -0.11 -0.10
(0.05) (0.09) (0.07) (0.07)

Mgmt For × GL Customer -0.06 -0.12 0.00 -0.01
(0.07) (0.12) (0.10) (0.10)

ISS For × ISS Customer × Visited EDGAR -0.02∗ -0.02
(0.01) (0.01)

GL For × GL Customer × Visited EDGAR -0.03∗∗ -0.05∗∗

(0.01) (0.02)

Visited EDGAR 0.01 0.01
(0.01) (0.01)

Proposal Effect Yes Yes Yes Yes
Fund × Year Effect Yes Yes Yes
Adjusted R2 0.49 0.56 0.46 0.49
Observations 7,734,768 283,627 3,940,294 3,940,294
# of cluster 463 144 151 151
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Table 6: Certification and Sway

This table reports OLS regressions for whether a fund votes in the same direction as a proxy advisor’s recommendation as a function of whether the fund is a
customer of this proxy advisor. Columns 1-4 estimate the effect of being an ISS customer on a fund’s votes, and columns 5-9 estimate the effect of being a GL
customer on a fund’s votes:

Agree with ISSip = β0 + β1 · ISS Customerit + γ
′ ·Z + εp + εipt

Agree with GLip = β0 + β1 ·GL Customerit + γ
′ ·Z + εp + εipt

Columns 1-2 (5-6) include all proposals on which ISS (GL) supports the management’s recommendation, and columns 3-4 (7-8) include all proposals on which ISS
(GL) opposes the management’s recommendation. Each observation is a fund-vote. The independent variable of interest is ISS Customer (GL Customer), which is
a dummy that equals one if the fund family is an ISS customer (GL customer) in the current year. All columns include proposal fixed effect and controls for
fund-family characteristics as in Table 1.(C). Standard errors are clustered at the fund-family level. *, **, and *** denote statistical significance at the 10%, 5%, and
1% levels, respectively.

Dependent Variable: “Agree with ISS” Dependent Variable: “Agree with GL”

ISS with mgmt
(certification effect)

ISS against mgmt
(sway effect)

GL with mgmt
(certification effect)

GL against mgmt
sway effect

(1) (2) (3) (4) (5) (6) (7) (8)

ISS Customer 0.02∗∗ 0.01∗ 0.21∗∗∗ 0.18∗∗∗ -0.00 0.00
(0.01) (0.01) (0.04) (0.05) (0.01) (0.03)

GL Customer -0.01 -0.10∗∗ 0.02∗∗ 0.02∗ 0.22∗∗∗ 0.22∗∗∗

(0.01) (0.05) (0.01) (0.01) (0.07) (0.07)

Controls Yes Yes Yes Yes Yes Yes Yes Yes
Proposal Effect Yes Yes Yes Yes Yes Yes Yes Yes
Observations 13,539,188 13,539,188 1,408,934 1,408,934 7,209,993 7,209,993 808,038 808,038
Adjusted R2 0.07 0.07 0.13 0.13 0.23 0.23 0.35 0.35
# of cluster 498 498 488 488 459 459 455 455
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Table 7: Proxy Advisors’ Sway Effects By Proposal Types

This table shows ISS’s (Panel A) and Glass Lewis’s (Panel B) sway effects on their respective customers for proposals of different types. Each column includes
funds’ votes on proposals of only a particular type. The regressions for Panel A are of the form Agree with ISSip = β0 + β1 · ISS Customerit + γ

′ ·Z + εp + εipt on
proposals where ISS and management disagree. Panel B is constructed analogously for Glass Lewis. Each observation is one fund-vote. All columns include
proposal fixed effect and controls for fund-family characteristics as in Table 1.(C). Standard Errors are clustered at the fund-family level. *, **, and *** denote
statistical significance at the 10%, 5%, and 1% levels, respectively.

(A) ISS’s Sway Effect

Dependent Variable: “Agree with ISS”
Routine Proposals Governance Proposals Social Proposals

board
election

say on
pay

financial
policy

golden
parachute

poison
pill

board
declass.

ind.
chair

proxy
access

political
disclos.

environ-
mental

animal
rights

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11)

ISS Customer 0.21∗∗∗ 0.20∗∗∗ 0.16∗∗∗ 0.21∗∗∗ 0.03 0.08∗∗∗ 0.15∗∗∗ 0.22∗∗∗ 0.26∗∗∗ 0.27∗∗∗ 0.24∗∗∗

(0.05) (0.05) (0.05) (0.07) (0.06) (0.03) (0.05) (0.04) (0.05) (0.05) (0.07)

Proposal Effect Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted R2 0.09 0.13 0.13 0.12 0.13 0.08 0.07 0.19 0.12 0.15 0.12
Observations 749,135 108,804 8,056 10,602 1,061 20,368 28,605 20,626 46,491 19,957 483
# of cluster 472 442 345 351 157 362 435 403 436 426 164

(B) Glass Lewis’s Sway Effect

Dependent Variable: “Agree with GL”
Routine Proposals Governance Proposals Social Proposals

board
election

say on
pay

financial
policy

golden
parachute

poison
pill

board
declass.

ind.
chair

proxy
access

political
disclos.

environ-
mental

animal
rights

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11)

GL Customer 0.29∗∗∗ 0.26∗∗∗ 0.33∗∗∗ -0.01 0.24∗∗∗ 0.00 0.11 -0.11 0.01 0.09∗ 0.20
(0.08) (0.07) (0.09) (0.15) (0.06) (0.04) (0.07) (0.07) (0.08) (0.05) (0.13)

Proposal Effect Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted R2 0.30 0.29 0.26 0.02 0.30 0.06 0.18 0.09 0.07 0.33 0.07
Observations 451,694 81,190 5,210 84 968 11,932 33,831 14,338 22,879 6,697 124
# of cluster 450 425 291 84 172 321 419 395 416 387 94
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Table 8: Proxy Advisors’ Influences On Different Funds

This table reports OLS regressions for whether a fund votes in the same direction as its proxy advisor’s recommendation as a function of the fund’s characteristics.
Regressions in columns 1-4 contain uncontentious proposals, and regressions in columns 5-8 contain contentious proposals. Each observation is one fund-vote.
The dependent variable of columns 1, 3, 5, and 7 is a dummy that denotes whether the vote is in the same direction as ISS’s recommendation. Those columns
include only the votes from ISS’s customers. Columns 2, 4, 6, and 8 are constructed analogously for Glass Lewis’s customers. All regressions include the proposal
fixed effect. Standard errors are clustered at the fund-family level. *,**, and *** denote statistical significance at the 10%, 5%, and 1% levels, respectively.

Certification Effect Sway Effect
Director Elections Other Proposals Director Elections Other Proposals
(1) (2) (3) (4) (5) (6) (7) (8)

Agree ISS Agree GL Agree ISS Agree GL Agree ISS Agree GL Agree ISS Agree GL

log(asset) 0.01 -0.00 0.00 -0.00∗ -0.01 -0.05∗∗ -0.02∗∗∗ -0.04∗∗∗

(0.00) (0.00) (0.00) (0.00) (0.01) (0.02) (0.01) (0.01)

log(# votes) 0.02∗∗ 0.03 0.01∗∗∗ 0.04∗ -0.02 -0.06 -0.03 -0.07
(0.01) (0.02) (0.00) (0.02) (0.04) (0.07) (0.03) (0.06)

Provide Index Fund -0.03 -0.03 -0.01 -0.03 -0.02 0.37∗∗∗ 0.03 0.21∗∗

(0.02) (0.03) (0.01) (0.02) (0.07) (0.12) (0.05) (0.10)

Provide ESG Fund -0.04∗ -0.03 -0.02∗ -0.03 -0.04 -0.30 -0.00 -0.14
(0.02) (0.03) (0.01) (0.02) (0.10) (0.18) (0.06) (0.13)

Adjusted R2 0.05 0.08 0.08 0.10 0.03 0.20 0.10 0.18
Observations 6,443,333 638,489 2,473,812 234,178 506,114 48,326 431,722 41,581
# of cluster 231 48 231 48 230 48 231 48
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Table 9: Subsequent Voting For Funds that Switch Proxy Advisors

This table reports OLS regressions for the change in a fund’s vote agreement with ISS’s recommendations and vote
agreement with Glass Lewis’s recommendations as a function of whether it switches from being an ISS customer to
being a GL customer (or vice versa). Each observation is one fund-year. The dependent variable ∆agreeISSt+1 equals
agreeISSt+1 - agreeISSt, where agreeISSt is the percentage of the fund’s votes in year t that agree with ISS’s
recommendation for uncontentious proposals (Panel A) or contentious proposals (Panel B). The independent
variable “GL→ ISS” is a dummy variable that equals one if the fund is a GL customer in year t and becomes an ISS
customer in year t + 1. Columns 1 and 2’s samples include only the funds that are Glass Lewis’s customers in year t.
“ISS→ GL” is defined analogously. Columns 3 and 4’s samples include only the funds that are ISS’s customers in
year t. Standard errors are clustered at the fund-family level. *,**, and *** denote statistical significance at the 10%,
5%, and 1% levels, respectively.

(A) Certification Effect (Uncontentious Proposals)

All GL Customers All ISS Customers
(1) (2) (3) (4)

∆agreeISSt+1 ∆agreeGLt+1 ∆agreeISSt+1 ∆agreeGLt+1

GL→ ISS 0.01 -0.03∗∗

(0.01) (0.01)

ISS→ GL -0.04∗∗∗ 0.04∗∗∗

(0.01) (0.01)

Adjusted R2 0.01 0.03 0.01 0.08
Observations 131 128 993 827
# of cluster 35 35 177 162

(B) Sway Effect (Contentious Proposals)

All GL Customers All ISS Customers
(1) (2) (3) (4)

∆agreeISSt+1 ∆agreeGLt+1 ∆agreeISSt+1 ∆agreeGLt+1

GL→ ISS 0.24∗∗ -0.21∗∗

(0.09) (0.09)

ISS→ GL -0.23∗∗∗ 0.38∗∗∗

(0.07) (0.09)

Adjusted R2 0.14 0.07 0.03 0.23
Observations 131 128 980 820
# of cluster 35 35 177 162
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Table 10: Proxy Advisors’ Influences (Propensity Score Matching)

This table repeats the results in table 4 and table 6 after the propensity score matching (PSM) method. The PSM
method used is a one-to-one match without replacement and with a tolerance of 0.001 for the score. I match an ISS’s
customer (or GL’s customer) with a non-ISS-customer (or non-GL-customer) within the same year. The propensity
score is estimated by the logit regression on funds’ characteristics that appear in table 1.C. Both panel’s standard
errors are clustered at the fund-family level. *,**, and *** denote statistical significance at the 10%, 5%, and 1% levels,
respectively.

(A) Effects of PA’s Recommendations on Funds’ Votes

PSM for ISS Customer PSM for GL Customer
(1) (2) (3) (4)

Vote For Vote For Vote For Vote For
ISS For × ISS Customer 0.38∗∗∗ 0.38∗∗∗

(0.06) (0.05)

GL For × ISS Customer -0.22∗∗∗ -0.23∗∗∗

(0.05) (0.05)

Mgmt For × ISS Customer -0.14∗∗∗ -0.14∗∗∗

(0.05) (0.05)

ISS For × GL Customer -0.38∗∗∗ -0.39∗∗∗

(0.04) (0.05)

GL For × GL Customer 0.41∗∗∗ 0.40∗∗∗

(0.08) (0.08)

Mgmt For × GL Customer -0.02 -0.02
(0.07) (0.07)

Proposal Effect Yes Yes Yes Yes
Fund Family Effect Yes Yes
Adjusted R2 0.42 0.48 0.46 0.49
Observations 1,657,423 1,657,423 1,017,935 1,017,935
# of cluster 250 250 122 122

(B) Fund Votes’ Agreement with Proxy Advisors’ Recommendations

PSM for ISS Customer PSM for GL Customer

ISS with mgmt
(certification effect)

ISS against mgmt
(sway effect)

GL with mgmt
(certification effect)

GL against mgmt
sway effect

(1) (2) (3) (4)
Agree with ISS Agree with ISS Agree with GL Agree with GL

ISS Customer 0.03∗∗∗ 0.25∗∗∗

(0.01) (0.04)

GL Customer 0.03∗∗∗ 0.24∗∗∗

(0.01) (0.06)

Controls Yes Yes Yes Yes
Proposal Effect Yes Yes Yes Yes
Adjusted R2 0.10 0.16 0.16 0.27
Observations 2,655,654 261,649 920,888 97,047
# of cluster 257 256 122 122
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Table 11: Robo Voters and Characteristics

Panel A provides examples of robo-voters. I define a fund-family as an ISS (GL) robo-voter if it agrees in a year with
ISS (GL) on more than 99.9 percent of proposals where ISS (GL) disagrees with management. I define a fund-family
as a management robo-voter if it agrees in a year with Mgmt on more than 99.9 percent of proposals when either ISS
or GL disagrees with the Mgmt. Panel B illustrates the characteristics of robo-voters. It shows the OLS regression of
being a robo-voter as a function of the fund family’s characteristics. Each observation represents a fund-year.
Column 1 includes only ISS customers. Column 2 includes only GL customers. Column 3 includes fund families that
use neither ISS nor GL. All regressions include the year fixed effect. Standard errors are clustered at the fund-family
level. *,**, and *** denote statistical significance at the 10%, 5%, and 1% levels, respectively.

(A) Examples of Robo Voters (in 2017)

Fund-Family Name
Robo-vote

with
Total # of

votes

Total # of votes
when PA & Mgmt

do not agree

% of votes
sided with

ISS/GL/Mgmt

Guggenheim Investments ISS 30,230 3,579 100%
ProFunds Group ISS 26,446 2,853 100%
Rydex Investments ISS 21,661 2,402 100%
Forward Management GL 1,016 42 100%
Miller/Howard Investments GL 864 56 100%
Nashville Capital Mgmt 2,548 255 100%
Leuthold Weeden Capital Mgmt 1,992 152 100%

(B) Determinants of Robo-Voting

(1) (2) (3)
Robo Voting

with ISS
Robo Voting

with GL
Robo Voting
with Mgmt.

log(# votes) -0.02 -0.05 -0.01
(0.01) (0.04) (0.01)

log(asset) -0.05∗∗∗ -0.00 -0.02∗∗

(0.01) (0.01) (0.01)

Provide Index Fund 0.08∗∗ -0.01 0.01
(0.04) (0.03) (0.03)

Provide Inst. Fund 0.02 -0.00 -0.03
(0.06) (0.13) (0.04)

Provide ESG Fund 0.02 -0.01 -0.01
(0.05) (0.02) (0.04)

Age -0.00 -0.00 0.00
(0.00) (0.00) (0.00)

Mgmt. Fee 0.12 -0.03 0.03
(0.08) (0.08) (0.04)

Adjusted R2 0.17 0.10 0.04
Observations 1,243 168 959
# of cluster 219 42 274
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Table 12: Change of Recommendations By Proxy Advisors

Panel A shows the total number of proposals, the number of proposals that reappear in the same firm, and the
fraction of the reappeared proposals that ISS or Glass Lewis changes its recommendations. I define a proposal on
which ISS (or GL) changes its recommendations if ISS (or GL) supports/opposes the proposal in year t and
opposes/supports the same company’s same proposal (using director name for elections and using agenda general
description for non-election proposals) in year t− 1. Panel B displays OLS regressions of whether ISS (or GL)
changes its recommendation as a function of investors’ past disagreement with ISS (or GL). For investors’ past
disagreement with ISS or Glass Lewis, I group investors by ISS customers, GL customers, and others. Each
observation represents a proposal. Standard errors are clustered at the company level. *,**, and *** denote statistical
significance at the 10%, 5%, and 1% levels, respectively.

(A) Types of Proposals that ISS or GL Changes Recommendations

Total Number
of Proposals

# that
Re-appear

% that ISS
Changes Rec.

% that GL
Changes Rec.

Director Elections 263,591 183,391 9% 9%
Say-on-Pay (before 2011) 630 270 14% 13%
Say-on-Pay (after 2011) 22,550 18,218 15% 15%
Compensation: Other 14,777 6,568 17% 21%
Financial Policy 5,931 1,450 9% 11%
Golden Parachutes 945 20 40% 0%
Adopt Poison Pill 122 29 14% 20%
Board Declassification 1,366 458 0% 0%
Proxy Access 337 56 23% 12%
Independent Chairman 657 387 27% 8%
Political Contributions 725 437 12% 15%
Animal Rights 91 29 14% 6%
Environmental 399 158 13% 13%
Social Proposal 122 36 14% 50%
Others 64,242 42,359 2% 3%

(B) Change of Recommendations and Investors’ Past Disagreement

Dependent Variable: ISS Changes Rec. Dependent Variable: GL Changes Rec.
(1) (2) (3) (4) (5) (6)

Past Disagreement with 0.45∗∗∗ 0.44∗∗∗ 0.53∗∗∗

ISS by ISS customers (0.02) (0.02) (0.03)
Past Disagreement with 0.08∗∗∗ 0.08∗∗∗ 0.07∗∗∗

ISS by GL customers (0.01) (0.01) (0.01)
Past Disagreement with 0.26∗∗∗ 0.26∗∗∗ 0.23∗∗∗

ISS by other investors (0.01) (0.01) (0.01)
Past Disagreement with 0.12∗∗∗ 0.14∗∗∗ 0.10∗∗∗

GL by ISS customers (0.02) (0.02) (0.03)
Past Disagreement with 0.07∗∗∗ 0.07∗∗∗ 0.05∗∗

GL by GL customers (0.02) (0.02) (0.02)
Past Disagreement with 0.31∗∗∗ 0.28∗∗∗ 0.31∗∗∗

GL by Other Investors (0.03) (0.03) (0.03)

Year Effect Yes Yes Yes Yes Yes Yes
Firm Effect Yes Yes
Firm×Proposal Effect Yes Yes
Adjusted R2 0.17 0.24 0.34 0.17 0.21 0.30
Observations 180,367 180,116 163,337 64,971 64,824 57,166
# of cluster 4936 4685 4236 1992 1845 1477
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Table 13: Change of Recommendation – Types of Funds

This table reports OLS regressions of whether ISS (or GL) changes its recommendation as a function of the past
disagreement with ISS (or GL) from investors with different characteristics. Panel A separates investors according to
the size of their total net assets (TNA) or their activism score. The activism score is defined as the percentage of votes
that the fund disagrees with managements’ recommendations. I denote a fund family as a large (small) fund family
if its TNA is above (below) the median among all fund families in the same year, and I denote a fund family as an
active (non-active) fund family if its activism score is above (below) the median. The dependent variable for columns
1-2 (3-4) is a dummy that equals one if ISS (or GL) supports/opposes the current proposal (or director) but
opposed/supported the same proposal (or director) of the same firm when it appeared last time. Each observation
represents a proposal. Panel B separates investors by double sorting their TNA and activism score. Standard errors
are clustered at the company level. *,**, and *** denote statistical significance at the 10%, 5%, and 1% levels,
respectively.

(A) Sort by Size or Activism

Dependent Variable: ISS Changes Rec. Dependent Variable: GL Changes Rec.
(1) (2) (3) (4)

Past Disagreement 0.73∗∗∗ 0.33∗∗∗

by Large Funds (0.02) (0.03)

Past Disagreement 0.05∗∗∗ 0.11∗∗∗

by Small Funds (0.01) (0.03)

Past Disagreement 0.11∗∗∗ -0.03
by Active Funds (0.01) (0.03)

Past Disagreement 0.51∗∗∗ 0.47∗∗∗

by Non-Active Funds (0.01) (0.03)

Year Effect Yes Yes Yes Yes
Firm×Proposal Effect Yes Yes Yes Yes
Adjusted R2 0.33 0.33 0.30 0.31
Observations 198,820 211,353 60,123 60,155
# of cluster 4,583 4,928 1,588 1,590

(B) Double Sort by Size and Activism

Dependent Variable: ISS Changes Rec. Dependent Variable: GL Changes Rec.
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)

Past Disagreement 0.50∗∗∗ 0.14∗∗∗ 0.35∗∗∗ -0.04
by Large Active (0.02) (0.02) (0.01) (0.03)

Past Disagreement 0.53∗∗∗ 0.52∗∗∗ 0.44∗∗∗ 0.36∗∗∗

by Large Non-Active (0.01) (0.02) (0.02) (0.03)

Past Disagreement 0.11∗∗∗ -0.01 0.34∗∗∗ 0.02
by Small Active (0.01) (0.01) (0.01) (0.02)

Past Disagreement 0.35∗∗∗ 0.09∗∗∗ 0.38∗∗∗ 0.12∗∗∗

by Small Non-Active (0.01) (0.01) (0.01) (0.02)

Year Effect Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Firm×Proposal Effect Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted R2 0.28 0.32 0.25 0.29 0.35 0.28 0.31 0.27 0.29 0.31
Observations 210,999 213,776 185,191 193,114 164,417 60,208 60,179 59,487 59,535 58,904
# of cluster 4,983 5,094 4,270 4,357 3,737 1,591 1,590 1,547 1,573 1,528
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Table 14: Why Do Proxy Advisors Cater?

Panel A reports OLS regressions of whether a fund switches its proxy advisor as a function of its past agreement
with ISS and Glass Lewis. Each observation represents a fund-year. The dependent variable “GL→ ISS” is a dummy
that equals one if the fund subscribes to Glass Lewis in year t but changes to ISS in year t + 1. “Other→ ISS”, “Other
→ GL”, and “ISS→ GL” are defined analogously. The independent variable agreeISSi,t (agreeGLi,t) is the percentage
of the fund’s votes in year t that agree with ISS’s (Glass Lewis’s) recommendations. Panel B defines agreeISSi,t
(agreeGLi,t) separately for different proposal types. Standard errors are clustered at the fund-family level. *,**, and
*** denote statistical significance at the 10%, 5%, and 1% levels, respectively.

(A) Agreement on All Proposals

One-year Agreement Three-year Agreement
(1) (2) (3) (4) (5) (6) (7) (8)

Other
↓

ISS

GL
↓

ISS

Other
↓

GL

ISS
↓

GL

Other
↓

ISS

GL
↓

ISS

Other
↓

GL

ISS
↓

GL
agreeISSi,t 0.21∗∗ 1.10∗∗ -0.10∗ -0.06

(0.09) (0.51) (0.05) (0.10)

agreeGLi,t -0.16∗ -0.74∗ 0.11∗ 0.07
(0.09) (0.38) (0.06) (0.12)

1
3

2
∑

s=0
agreeISSi,t−s

0.27∗∗∗ 0.85∗ -0.11∗∗ -0.01
(0.09) (0.43) (0.06) (0.08)

1
3

2
∑

s=0
agreeGLi,t−s

-0.23∗∗ -0.50 0.12∗∗ 0.02
(0.10) (0.30) (0.06) (0.11)

Controls Yes Yes Yes Yes Yes Yes Yes Yes
Year Effect Yes Yes Yes Yes Yes Yes Yes Yes
Observations 907 166 907 1,059 917 166 917 1,063
# of cluster 257 42 257 200 257 42 257 200

(B) Director Elections, Say-on-Pay, and Shareholder-Sponsored Proposals

Director Elections Say on Pay Shareholder Proposals
(1) (2) (3) (4) (5) (6)

Other→ ISS Other→ GL Other→ ISS Other→ GL Other→ ISS Other→ GL

1
3

2
∑

s=0
agreeISSi,t−s

0.20∗∗ -0.09∗ 0.12∗∗ -0.02 0.09∗∗∗ -0.02∗

(0.08) (0.05) (0.05) (0.02) (0.03) (0.01)

1
3

2
∑

s=0
agreeGLi,t−s

-0.17∗ 0.10∗ -0.09∗ 0.03 -0.02 0.02
(0.09) (0.05) (0.05) (0.02) (0.05) (0.03)

Controls Yes Yes Yes Yes Yes Yes
Year Effect Yes Yes Yes Yes Yes Yes
Observations 917 917 765 765 885 885
# of cluster 257 257 243 243 249 249
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Table 15: Change of Recommendation and Cumulative Abnormal Return

This table illustrates the effect of proxy advisors’ recommendations on firms’ cumulative abnormal returns separately
done for whether the advisor changes its recommendation on the same firm’s same proposal across two adjacent
occurrences. The sample includes all proposals (including director elections) that receive close votes, defined as
within 20% of passing requirement. Each observation represents a close-call proposal. Panel A’s columns 1-4 and 5-8
separate the sample by whether or not ISS changes its recommendation. I define ISS’s change of recommendation as
ISS supports/opposes the current proposal (or director) but opposed/supported the same proposal (or director) of
the same firm when it appeared last time. The dependent variable is the firm’s cumulative abnormal return by
different Fama-French factors and different event windows. The independent variable “ISS Wins” is a dummy
variable that denotes whether the voting outcome is in the same direction as ISS’s recommendation. Panel B for
Glass Lewis is constructed in the same fashion. All columns include the proposal-type effect and the year fixed effect.

(A) Effect of ISS’s Changed Recommendations on Firms’ Return

ISS Changes the Recommendation ISS Does Not Change the Recommendation
(1) (2) (3) (4) (5) (6) (7) (8)

1 factor
[−5, 5]

1 factor
[−10, 10]

3 factors
[−5, 5]

3 factors
[−10, 10]

1 factor
[−5, 5]

1 factor
[−10, 10]

3 factors
[−5, 5]

3 factors
[−10, 10]

ISS Wins -0.02∗∗ -0.03∗∗∗ -0.02∗∗∗ -0.03∗∗∗ 0.00 0.00 0.00 0.01
(0.01) (0.01) (0.01) (0.01) (0.00) (0.01) (0.00) (0.01)

Constant 0.14 0.11 0.11 0.13 -0.03 0.01 -0.03 -0.04
(0.09) (0.12) (0.09) (0.14) (0.04) (0.05) (0.04) (0.06)

Adjusted R2 0.02 0.03 0.02 0.01 0.01 0.01 0.01 0.01
Observations 1,399 1,399 1,399 1,399 2,201 2,201 2,201 2,201

(B) Effect of Glass Lewis’s Changed Recommendations on Firms’ Return

GL Changes the Recommendation GL Does Not Change the Recommendation
(1) (2) (3) (4) (5) (6) (7) (8)

1 factor
[−5, 5]

1 factor
[−10, 10]

3 factors
[−5, 5]

3 factors
[−10, 10]

1 factor
[−5, 5]

1 factor
[−10, 10]

3 factors
[−5, 5]

3 factors
[−10, 10]

GL Wins -0.00 -0.00 -0.00 0.01 -0.00 -0.01 0.00 -0.00
(0.01) (0.01) (0.01) (0.01) (0.01) (0.01) (0.01) (0.01)

Constant 0.06 0.10 0.05 -0.02 0.05 0.06 0.04 -0.01
(0.07) (0.10) (0.07) (0.11) (0.04) (0.06) (0.04) (0.06)

Adjusted R2 0.00 0.05 -0.01 -0.03 0.02 0.02 0.01 -0.00
Observations 318 318 318 318 890 890 890 890
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Table 16: Change of Recommendation and CAR (Proposal Types and

Past Disagreement)

Panel A repeats the regression of Table 15 columns 3 for each proposal type. It shows the effect of proxy advisors’
recommendations on firms’ cumulative abnormal returns if the recommendation is changed across the same firm’s
two adjacent occurrences. Each observation represents a close-call proposal, defined as within 20% of passing
requirement. The dependent variable is the Fama-French three-factor cumulative abnormal return with the event
window [-5, 5]. The independent variable “ISS Wins” (“GL Wins”) is a dummy variable that denotes whether the
voting outcome is in the same direction as ISS’s (GL’s) recommendation. Panel B repeats table 15 columns 3’
regression after interacting “ISS Wins” or “GL Wins” with different investors’ past disagreement. I define a fund
family as a large (small) fund family if its TNA is above (below) the median among all fund families in the same year,
and I define a fund family as an active (non-active) fund family if its activism score is above (below) the median. The
activism score is defined as the percentage of votes that the fund disagrees with management’s recommendations.

(A) Proposal Types

Dependent Variable: CAR (FF3 with [−5, 5] window)

Sample: ISS Changes Recommendations Sample: GL Changes Recommendations

Any

Proposal

Director

Elections

Say on

Pay

All

Others

Any

Proposal

Director

Elections

Say on

Pay

All

Others
(1) (2) (3) (4) (5) (6) (7) (8)

ISS Wins -0.02∗∗∗ -0.04∗∗∗ -0.01 -0.02
(0.01) (0.02) (0.01) (0.01)

GL Wins -0.00 -0.02 0.01 0.01
(0.01) (0.01) (0.01) (0.01)

ProposalType Effect Yes Yes
Year Effect Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted R2 0.02 0.06 0.00 -0.01 -0.01 0.13 0.01 0.01
Observations 1,399 370 718 404 318 109 136 134

(B) Interaction with Investors’ Past Disagreement

Dependent Variable: CAR (FF3 with [−5, 5] window)

Sample: ISS Changes Recommendations Sample: GL Changes Recommendations
(1) (2) (3) (4) (5) (6) (7) (8)

Active Non-active Large Small Active Non-active Large Small

ISS Wins -0.02∗∗ -0.01 -0.01 -0.01
(0.01) (0.01) (0.01) (0.01)

GL Wins -0.00 -0.01 -0.00 -0.01
(0.01) (0.01) (0.01) (0.01)

Past Disagreement -0.03 0.02 -0.01 0.01 0.01 -0.02 -0.00 -0.01
(0.02) (0.02) (0.03) (0.02) (0.02) (0.03) (0.02) (0.02)

PA Wins × Past Pisagreement 0.02 -0.06∗∗ -0.02 -0.03 -0.00 0.03 0.01 0.02
(0.04) (0.03) (0.04) (0.02) (0.03) (0.03) (0.03) (0.03)

ProposalType Effect Yes Yes Yes Yes Yes Yes Yes Yes
Year Effect Yes Yes Yes Yes Yes Yes Yes Yes
Adjusted R2 0.03 0.03 0.02 0.01 -0.02 -0.02 -0.02 -0.02
Observations 1,349 1,392 1,353 1,331 317 318 318 317
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Figure 1: N-PX Types

This figure shows one example for each of the four most-used N-PX table formats (denoted A.1, A.2, B, C). All tables
display Apple Inc’s Annual meeting in 2019. They are filed by BlackRock, Fidelity, Putnam Investments, and John
Hancock Financial, respectively. Types A.1 and A.2 correspond to the reporting style of ISS’s ProxyExchange, type B
corresponds to Glass Lewis’s Viewpoint, and type C corresponds to Broadridge’s ProxyEdge. The online Appendix
explains the link between the four N-PX styles to their respective voting platforms through the comparison between
the four N-PXs’ proposal descriptions with those of platforms’ vote disclosure service (VDS) websites.

Type A.1: ISS ProxyExchange R© Type A.2: ISS ProxyExchange R©

Type B: Glass Lewis Viewpoint R© Type C: Broadridge ProxyEdge R©
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Figure 2: Competitive Landscape of the Proxy Advisory Industry

Panel A shows the number of fund families that use each of the following three voting systems: ISS ProxyExchange,
Glass Lewis Viewpoint, and Broadridge ProxyEdge. Funds’ uses of voting systems are inferred from their N-PX
filings. Panel B displays the number of fund families that change their voting systems. Panel C displays proxy
advisor ISS and Glass Lewis’s customers’ total net assets (TNA) and the inferred market shares of the proxy advisory
industry. Vanguard has its distinctive N-PX style and subscribes to both ISS and Glass Lewis’s proxy advice. I split
its TNA equally to ISS and Glass Lewis.

(A) Number of Funds that Use ISS/GL/Broadridge

2007 2008 2009 2010 2011 2012 2013 2014 2015 2016 2017

ISS 94 98 109 103 97 96 89 109 124 124 134
Glass Lewis 3 3 4 15 18 18 20 20 28 26 26
Broadridge 32 34 34 36 50 53 56 63 73 75 75

(B) Number of Funds that Switch Voting Systems

2007 2008 2009 2010 2011 2012 2013 2014 2015 2016 2017

ISS→ GL 0 1 2 4 1 1 1 1 0 1 -
ISS→ BR 2 1 0 1 0 3 1 3 1 0 -
GL→ ISS 0 0 0 1 1 1 0 1 2 2 -
GL→ BR 0 0 0 0 0 0 0 0 0 1 -
BR→ ISS 1 0 0 0 1 0 1 2 0 2 -
BR→ GL 0 0 1 0 0 0 1 1 1 0 -

(C) Total Net Assets and Market Shares

Total Net Assets Proxy Advisors’ Market Shares
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Figure 3: Descriptive Statistics on Voting

This figure shows the percentage of investors’ votes that support management for proposals with different proxy
advisors’ recommendations. Panel A’s sample includes all mutual funds, and Panel B separates the sample by funds’
proxy voting platforms. In both panels, the x-axis denotes the identity of the proxy advisor(s) that recommend
against the management, and the y-axis denotes the average of investors’ votes (=1 if support the management and
=0 if oppose the management). The vertical bar denotes the 95% confidence interval with standard errors clustered at
the fund-family level.

(A) All Mutual Funds

(B) Separate by Proxy Voting Platforms
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Figure 4: Investor Ideologies

Panel A scatter plots the ideology of every mutual fund family in 2012. The left figure’s sample includes fund
families that use ISS or Glass Lewis as their voting platforms. The right figure’s sample includes all other fund
families. Each dot presents a fund family, and its location represents its ideology, which is the two-dimensional
W-NOMINATE scores provided by Bolton et al. (2020). Socially oriented investors have a lower score in the first
dimension (i.e., appear to the left). Tough-on-governance investors have a larger score in the second dimension (i.e.,
appear to the top). The ideologies of ISS and Glass Lewis themselves are also pointed. Panel B displays the
distribution of ideologies for ISS and GL’s customers. The left figure plots the distribution of the first dimension
(social orientation), and the right figure plots the distribution of the second dimension (tough-on-governance).

(A) Two Dimensional Ideologies

ISS and Glass Lewis Customers Fund Families that use neither ISS or GL

(B) Distribution of Social and Governance Scores

Tough-on-Social Tough-on-Governance

48



Figure 5: Voting Patterns For Funds that Switch Proxy Advisors

This figure shows the evolution of fund families’ vote agreement with ISS’s (and GL’s) recommendations if they have changed their voting platforms from ISS to
Glass Lewis (or vice versa). Panel A’s sample includes fund families that have switched their voting platforms from ISS to GL. In both panels’ all figures, the
x-axis denotes the relative year to the year of the switch. In both panels, the first two figures plot the average “excess agreement with ISS”, and the last two figures
plot the average “excess agreement with GL”. The “excess agreement with ISS (GL)” is the percentage of the fund’s votes on contentious proposals that agree with
ISS’s (GL’s) recommendation, minus that of the benchmark. For the benchmark, the first (third) figure uses the same fund’s “agreement with ISS” (“agreement
with GL”) of the switching year. The benchmark of the second (fourth) figure is the average “agreement with ISS” (“agreement with GL”) among all ISS’s (GL’s)
customers. Panel (B) is constructed analogously and includes fund families that have switched from being a GL customer to being an ISS customer.

(A) ISS→ GL

Agree with ISS
(time-series comparison)

Agree with ISS
(cross-sectional comparison)

Agree with GL
(time-series comparison)

Agree with GL
(cross-sectional comparison)

(B) GL→ ISS

Agree with ISS
(time-series comparison)

Agree with ISS
(cross-sectional comparison)

Agree with GL
(time-series comparison)

Agree with GL
(cross-sectional comparison)
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Figure 6: Proxy Advisors’ Sway Effects By Years

This figure displays ISS’s (Panel A) and Glass Lewis’s (Panel B) sway effects on their respective customers for years 2006-2017. Each figure in Panel A plots the β̂1
coefficient of the OLS regression, Agree with ISSip = β0 + β1 · ISS Customerit + εp + εipt, where the sample includes funds’ votes on contentious proposals. The
grey displays the 95% confidence intervals with standard errors clustered at the fund-family level. The first figure’s sample contains all contentious proposals,
and the second to fourth figure’s samples contain contentious proposals of different types (director elections, say on pay proposals, and shareholder-sponsored
proposals). Panel B is constructed analogously for Glass Lewis’s sway effect.

(A) ISS’s Sway Effect

Any Director Elections Say on Pay Shareholder Proposals

(B) Glass Lewis’s Sway Effect

Any Director Elections Say on Pay Shareholder Proposals
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Figure 7: The Trend Towards Robo-Voting

This figure displays the number (left figures) and the fraction (right figures) of ISS’s customers, Glass Lewis’s
customers, and other mutual funds that robo-vote with ISS’s recommendations (Panel A), Glass Lewis’s
recommendations (Panel B), or managements’ recommendations (Panel C). I define a fund-family as an ISS (GL)
robo-voter if it agrees in a year with ISS (GL) on more than 99.9 percent of proposals where ISS (GL) disagrees with
management. I define a fund-family as a management robo-voter if it agrees in a year with Mgmt on more than 99.9
percent of proposals when either ISS or GL disagrees with the Mgmt. Each panel’s left figure displays the number of
funds that robo-vote and each panel’s right figure displays the fraction of funds that robo-vote out of the group’s
total number of funds. I exclude fund-years that have less than 100 votes.

(A) Robo-Voting with ISS

# of Fund Families Fraction

(B) Robo-Voting with Glass Lewis

# of Fund Families Fraction

(C) Robo-Voting with Management

# of Fund Families Fraction
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Figure 8: Cumulative Abnormal Return Around Annual Meetings

This figure displays companies’ cumulative abnormal returns (Fama-French 3 factors) around annual meetings
where there is at least one proposal that receives close votes, defined as within 20% of the passing requirement. The
left figure’s sample includes meetings with at least one close-call proposal that ISS changes its recommendation. The
right figure includes meetings with close-call proposals, but ISS does not change its recommendations on any of
them. Each figure’s blue (orange) line plots the average cumulative abnormal returns if ISS wins (loses). The grey
area represents the 5% confidence interval.

ISS Changes Rec. ISS Does Not Change Rec.

Figure 9: Robustness: Different Margins for Close-Call Proposals

This figure replicates the results of table 15.A for different definitions of close-call margins. It plots the coefficient β̂1
of the OLS regression CARp = β0 + β1ISS Winsp + εp, where CARp is the three-factor cumulative abnormal return
with [−5, 5] window. The regression includes proposal-type effect and year fixed effect. The left figure’s sample
includes close-call proposals that ISS changes its recommendations, and the right figure’s sample includes close-call
proposals that ISS does not change its recommendations.

ISS changes its recommendation ISS does not its recommendation
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Online Appendix – A

Public Request on Glass Lewis’s Recommendations

I obtained Glass Lewis (GL)’s recommendations to a large public pension fund for 2008-2017 through a
Freedom of Information Act (FOIA) request. Part (A) provides a screenshot of the response, which
contains the name of issuers, meeting dates, item numbers, proposal descriptions, GL’s general
recommendations, GL’s customized recommendations to this particular investor, and the vote cast. Part
(B) shows the details of the matching process between this data and ISS Voting Analytics. Part (C) shows
the coverage of companies (measured by total assets) in the main sample (i.e., ISS Voting Analytics) that
can be found with Glass Lewis’s recommendations from the FOIA sample.

(A) Sample of the FOIA Response

(B) Matching Steps

Step one: match companies

The GL recommendations provided by the FOIA request do not contain company identifiers but only
company names. ISS and GL may use different company names for the same company. For example, the
ISS Voting Analytics dataset uses “Apple Inc.” throughout sample years, but GL uses “Apple Computer
Inc.” in the early years. To match companies between GL’s recommendations and ISS Voting Analytics,
I first match each company name in GL’s recommendations exactly with names that appeared in Type
B N-PX forms to get the company’s ticker. The assumption of this step is that company names in Glass
Lewis’s voting system do not differ for different customers. I then use tickers to match companies between
the FOIA data and ISS Voting Analytics.
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Step two: match annual meetings

Matching annual meetings between GL’s recommendations and ISS Voting Analytics is a straightforward
one-to-one match of (ticker, meeting date) between the two datasets.

Step three: match proposals

One difficulty comes from the fact that ISS and Glass Lewis sometimes use different styles of sub-item
numbers for director elections. For example, Glass Lewis uses item number “1” to denote the election of
Howard Schultz in Starbucks’s 2013 annual meeting, but ISS uses item number “1a” for the same election.
As a result, using item number alone will result in a large number of missing matches. To ensure better
matches, I perform the following steps.

• When both ISS and Glass Lewis use the same style (either digit or letter) for annual meetings, I use
the item number to match.

• When ISS and Glass use different styles, I use the sequence number to match each proposal if the
annual meeting’s total number of proposals is the same between the two datasets.

• When ISS and Glass use different styles and if the annual meeting’s total number of proposals is
not the same between the two datasets, I treat those cases as errors and drop them.33

(C) Coverage of Glass Lewis Recommendations

33There are 89 (out of 13,246) annual meetings where the total number of proposals is different between the two
datasets. It mainly arises from the fact that the FOIA response is in the pdf format and non-English characters cannot
be converted and hence become lost (e.g., Elect Øivind Lorentzen).
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Online Appendix – B

Link N-PX Styles to Voting Platforms: There are four most common N-PX styles. N-PX styles are linked with their respective voting platforms by comparing
their proposal descriptions and item-number styles with ISS/GL/Broadridge’s vote disclosure websites (VDS). To ensure comparison, all N-PX forms and VDS
interfaces display Apple Inc’s 2019 annual meeting. The proposal descriptions and the item-number styles (of the last proposal in particular) establish the link.
The N-PX forms are displayed to the left, and the VDS websites are displayed to the right.

N-PX Type A.1 Ö ISS VDS Version 1

(Source: http://vds.issproxy.com/SearchPage.php?CustomerID=1615)

N-PX Type A.2 Ö ISS VDS Version 2

(Source: https://vds.issgovernance.com/vds/#/NDM3Mg==)

O
nline

A
ppendix

–
Page

3

http://vds.issproxy.com/SearchPage.php?CustomerID=1615
https://vds.issgovernance.com/vds/#/NDM3Mg==


N-PX Type B Ö Glass Lewis VDS

(Source: https://viewpoint.glasslewis.net/webdisclosure/search.aspx?

glpcustuserid=TIA129)

N-PX Type C Ö Broadrige VDS

(Source: https://central-webd.proxydisclosure.com/WebDisclosure/

wdFundSelection?token=JPMFunds)
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Online Appendix – C

Processing Director Names from ISS Voting Analytics

1. Extract name-like sub-strings from proposal descriptions by striping off phrases “Elect Director”,
“Re-elect”, “Management Nominee”, “Elect Trustee”, “as class x Director”, etc . For example,

• “Elect Director Arthur D. Levinson, Ph.D.”→ Arthur D. Levinson, Ph.D.

• “Elect Director Robert C. Nolan as Class I Director”→ Robert C. Nolan

• “Management Nominee Teresa Beck”→ Teresa Beck

(This step requires hand correction for typos in ISS Analytics: Direcctor, Eect, DElect, etc)

2. Strip off prefix and suffix (e.g., numerous versions of Ph.D., Jr., M.D., etc). For example,

• “Helen R. Bosley, CFA ”→ “Helen R. Bosley”

• “John Michael Palms Ph.D., D. Sc.” → “John Michael Palms”

• “Hal V. Barron, M.D., FACC”→ “Hal V. Barron”

(Certain suffix needs to be carefully hand matched. For example, MA can be both a last name and
a suffix.)

3. Unify first name variations, nicknames, and royal titles. For example,

• “Bill Gates”→ “William Gates”

• “Triple H Levesque”→ “Paul Levesque”

• “Lord Stevenson of Coddenham”→ “Dennis Stevenson”

4. Generate a processed name from each of the full names as the first letter of the first name and the
entire last name. For example,

• “William Gates”→ “W Gates”

• “Paul Levesque”→ “P Levesque”

• “Dennis Stevenson”→ “D Stevenson”
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Online Appendix – D

Cost of Proxy Advice and Voting Platforms

The prices that proxy advisors charge their customers are generally confidential. To shed some light on the
cost of proxy advice, I sent Freedom of Information Act (FOIA) requests to the 30 largest public pension
funds. I asked about their subscription to proxy advice, the voting platform they use, and the price they
pay. Eleven of them responded and provided me with the information. The rest either declined my request
or did not subscribe to any proxy advice. The first figure below plots the total price each pension pays
and its total assets (as of 2017). Among the eleven pension funds, seven of them subscribe to only one
firm between ISS and Glass Lewis. Four of them subscribe to both ISS and Glass Lewis for proxy advice
but use only one platform for vote execution. This fact enables me to estimate the difference between the
cost of proxy advice and the cost of the bundled package of proxy advice and vote execution. The right
figure plots the prices separately for proxy advice and bundled packages.

The following table displays the OLS regression of payment as a function of vendor identity, whether
the payment is for the proxy advice only or vote execution service bundle, and the total asset assets. It
shows that if a fund also uses the proxy advisor’s voting platform, the fund has to pay $161,290 more than
if it only subscribes to its advice (the unconditional mean for advice is $69,080).

Payment (in $1000)

Recipient = ISS -45.61
(42.37)

Bundled with platform 106.55∗∗ 161.29∗∗

(43.69) (45.11)

Total Asset (in $ billion) 0.82∗∗∗

(0.23)

Fund Effect Yes
Adjusted R2 0.53 0.65
Observations 16 16
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Omitted Table 1: Results of Table 9 After Excluding Funds that Changed

Proxy Voting Guidelines

This table repeats the results of table 9 after excluding the switching funds that also changed their “proxy voting
guidelines” during the switching year. The “proxy voting guidelines” are manually collected from each fund’s
Prospectus (section of Statement of Additional Information). After the exclusion, there are 8 funds that have
switched from Glass Lewis to ISS, and there are 13 funds that have switched from ISS to Glass Lewis.

(A) Certification Effect (Uncontentious Proposals)

All GL Customers All ISS Customers
(1) (2) (3) (4)

∆agreeISSt+1 ∆agreeGLt+1 ∆agreeISSt+1 ∆agreeGLt+1

GL→ ISS 0.01 -0.03
(0.01) (0.02)

ISS→ GL -0.04∗∗ 0.03∗∗

(0.02) (0.01)
Adjusted R2 0.00 0.02 0.01 0.07
Observations 126 123 969 813
# of cluster 33 33 168 155

(B) Sway Effect (Contentious Proposals)

All GL Customers All ISS Customers
(1) (2) (3) (4)

∆agreeISSt+1 ∆agreeGLt+1 ∆agreeISSt+1 ∆agreeGLt+1

GL→ ISS 0.17∗∗ -0.14
(0.08) (0.10)

ISS→ GL -0.19∗∗ 0.35∗∗∗

(0.07) (0.12)
Adjusted R2 0.10 0.01 0.02 0.19
Observations 128 125 958 808
# of cluster 35 35 168 155

Online Appendix – Page 7



Omitted Figure 1: Propensity Score Matching: Before and After

This figure shows the distribution of fund characteristics before (left figure) and after (right figure) the propensity
score matching. The propensity score is estimated using a logit regression of funds’ characteristics that appear in
table 1.C as a function of whether the fund is an ISS customer. The propensity score matching method used is a
one-to-one match without replacement and with a tolerance of 0.001 for the score.

log(Asset)

log(# of Votes)

Family Age
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